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Abstract The consensus algorithm is the basis for constructing the trust characteristics of the blockchain. How to ensure its effi-
ciency and stability has been a hot topic in the research field. The Gossip protocol is widely used as the underlying framework of
consensus algorithms because of its efficiency and scalability. However, the communication methods between the traditional Gos-
sip protocol nodes are random, which makes the stability of consensus time insufficient,and because the consensus time cannot be
predicted,it cannot be applied in occasions with strong consistency. In order to solve the problem of insufficient stability and final
consensus in Gossip protocol.a trust collection consensus algorithm based on Gossip protocol is proposed. The node selects the
communication node by evaluating the information degree of the neighboring node,and the message collects the trust value in the
communication process,the message is not considered to be in consensus until the threshold is greater than the critical threshold
of the whole network. At the same time, the time degradation factor is used to control the node information degree.to prevent the
occurrence of hot spots and maintain network load balancing. Experiments show that the CCG algorithm has the advantages of

high stability and efficiency compared with the traditional and Random Gossip algorithms.
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Fig. 1 Flow chart of CCG algorithm
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Table 1 Parameter settings
Parameter Weight Reference Value
a 0.8(B<<a<k +p)
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Table 2 Consensus stability indicator
CFLAY : )
St. d Var Ave
CCG 0.121 0.0147 1.45
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