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Agricultural Product Quality Classification Based on GA-SVM
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Abstract Traditional methods classify agricultural products by fined-grained level and determine the key factors affecting the
classification effect,but ignore the quality characteristics of agricultural products. Scientific classification of agricultural products
quality can not only effectively improve the speed of subsequent processing of agricultural products, but also better reflect the
changes in the quality of agricultural products. Starting from the quality characteristics of agricultural products,agricultural pro-
ducts are classified,and different types of agricultural products are processed in different methods,so as to ensure the quality of
agricultural products and increase their added values. The classification method and the selection of model parameters are espe-
cially important for the accuracy of agricultural product quality classification. Traditional support vector machine (SVM) has
blindness in the selection of model parameters. In order to improve the classification accuracy of agricultural product quality,a
product quality classification model combining factor analysis (FA) and improved support vector machine (GA-SVM) is pro-
posed. Experimental results show that the improved SVM can quickly and effectively identify the quality categories of agricultural
products,significantly improve the classification accuracy of agricultural product quality. The evaluation process is relatively sim-
ple and can be widely applied to the evaluation of agricultural product quality.

Keywords Agricultural products,Quality classification, Factor analysis, Genetic algorithm,SVM
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Fig. 1 GA optimizes SVM process
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Table 1 KMO and Bartlett sphericity test
KMO Sample Test q0. 865
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Fig. 2 Fitness curve of genetic algorithm
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Table 3 Test set of GA-SVM model
Be n : SiPLEE
GA-SVM  SVM BP
1 3 3 3 3
11 2 2 2 2
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VI 2 2 2 2
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