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Research on Agricultural Products Recommendation Technology Based on User Interest
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Abstract At present,the development of the Internet is becoming more and more powerful,and the competition in the e-com-
merce market of agricultural products is increasingly fierce. Users cannot find products suitable for themselves from a large
amount of product information. The traditional collaborative filtering algorithm only pays attention to user ratings,and cannot re-
flect the changes of users’ interests in time. In view of this problem,a user interest recommendation algorithm based on improved
weight was proposed by considering user behavior, user access time and frequency. Experimental results show that compared with
the traditional recommendation algorithm,the proposed algorithm WUI-CF can better mine user interest,adapt to user’s interest
changes,improve the accuracy of recommendation,and better solve the problem that users have no choice facing with numerous
agricultural products information,and improve user satisfaction.
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