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Abstract Spiking neural P system inspired neurons cooperation processing pulse process in biological systems and proposed new
calculation model. In order to further reflect the randomness of biological system, this paper proposed a new neuronal activation
system,rough rule based spiking neural P system,which uses the concept of upper and lower approximations to establish the acti-
vation conditions of neurons. Then,the computing completeness of the improved spiking neural P system was proved. Finally, the

ability of the system to generate automatic language was studied to illustrate its computing ability. The result shows that the im-

proved spiking neural P system has strong computing ability.
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