http: /www. jsjkx. com

DOI:10. 11896/jsikx. 190500028

ETEAEHANPXEFHERR

RzlE  EHRE
AMAKFHENBEFEERAFR
(1627405102@stu. suda. edu. cn)

VLA 7 215006

W E XAWEESEEBLISRLBATEGREG B ERARZHAEHE, 440 F L HFH LA ET —F K T Patent-
Rank LA m M 2N T L, A TR AOBUT AL  ALRELEGBETHMER GO T KRG .5 558 P ey A
ZRE AL MEIHARRGRETF T TR AT EaFZ MY T RG, ARG & F 4k, L EAH &4
iR, ZBHAFEAROBBEETRATRFOAR, FHERAAR B GIEEMIL TLA S %4 ROUGE 1A LF 2 # 42
=

KRR LA E, F A AR E A P 42 8 A 22 ; PatentRank

REESES TP391

Research on Chinese Patent Summarization Based on Patented Structure

SHU Yun-feng and WANG Zhong-qing

School of Computer Science and Technology,Soochow University, Suzhou,Jiangsu 215006, China
Abstract Text summarization aims to provide a concise description of the content by compressing and refining the original text.
For the Chinese patented text,an algorithm for generating patent summarization based on the PatentRank algorithm is proposed.
Firstly, the candidate sentence groups are redundantly processed to remove the sentences with high similarity in the candidate
sentence groups. Then,three different similarity calculation methods are constructed for the patent claims and descriptions to cal-
culate the weights between sentences. Finally, the sentence with high weight is selected as the summarization of the patent. The

algorithm has achieved good results in the selected datasets. Experimental results demonstrate that the proposed method substan-

tially outperforms existing approaches in terms of ROUGE measurement.
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Fig. 1 PatentRank framework based on graph model
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