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Review on Placement of Multiple Controllers in SDN
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School of Computer,Sichuan University,Chengdu 610065, China

Abstract With the rapid development of software defined network, deployment of the inherent defects of single controller gra-
dually revealed, multiple controller deployment has become an inevitable trend. However, the number and location of controllers
have a decisive influence on network performance.and the high complexity of weighing factors in solving this problem.which seri-
ously hinders the application of SDN in data centers and wide area networks. Firstly. the essence of placement problem and its
general solving steps are described. Secondly, based on the network model, the core components of the deployment strategy,name-
ly the optimization objectives and search algorithm are described in detail. Then, based on the research at home and abroad, the
deployment strategies are divided into static deployment and dynamic deployment,and the advantages and disadvantages of typical
strategies are compared. Finally,the future research direction is prospected.
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Fig. 2 Simplified architecture for multi-controller deployment
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