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Abstract By using V -type big data structure generated by inverse P-sets,some new concepts of V -type big data are given,such
as big data block, block matrix, block element, block element matrix and data element. Based on these concepts, the reasoning
structure of block attribute, the reasoning structure of block matrix, the intelligent separation theorems, the intelligent retrieval
theorems of block element and the equivalence class theorems of block and block element are given. An intelligent separation cri-
terion of block element and an intelligent retrieval criterion of block are presented. A block element intelligent separation-block in-

telligent retrieval algorithm and its algorithm process are given. The application of big data intelligent retrieval-big data block ele-

ment intelligent separation-acquisition is given. V -type big data satisfies the logical characteristic of ‘attribute disjunction’.
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