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Optimization of Mobile Charging Path of Wireless Rechargeable Sensor Networks Based on
Reinforcement Learning
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Abstract Wireless sensor networks occupy an important position in environmental perception and target tracking. In order to re-
charge sensor nodes in time, this paper proposes a low power consumption and high energy efficientcy mobile path charging algo-
rithm based on reinforcement learning. Wireless sensor network uses a mobile charger to charge the sensor nodes. The Q-Lear-
ning algorithm and the epsilon-greedy algorithm are combined to complete the charging of all sensor nodes in turn in the shortest
path. Existing related researches usually ignore the maximum amount of power that the sensor node itself can withstand, which
easily causes the power to exceed the maximum threshold during charging and suspend work,so the charging time of the mobile
charger is limited. The result shows that the proposed mobile charging strategy has a higher utility. Compared with the traditional
Q-Learning algorithm and the greedy algorithm.the training cycle is greatly reduced and the energy utilization rate is maximized.
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