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Abstract From the perspective of software system usage,the system usage pattern and fault analysis can help the software pro-
vider to more accurately grasp user demand, evaluate system quality, guide system operation and improve system maintenance.
Cloud computing systems (CCS) provide configurable online accessed computational resolutions to end users from an integrated
resource pool,which have received great attention from both academia and industry. Understanding CCS usage workload and fai-
lure patterns is important to improve system resource utilization efficiency as well as system service reliability. This paper per-
forms a deep analysis on the Google cluster dataset to characterize system operation in terms of both usage workload and fa-ilure

patterns. The results reveal potential vulnerability to the system and provide the basis for follow-up quality assurance activities.
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Table 1  Cloud task execution feedbacks
Execution Level Task Level
count/ ff share/ % count/ share/ %
Finish 1821 37.74 1480 58.33
Fail 1382 28.65 380 15.01
Kill 1034 21. 44 107 4.23
Evict 586 12.15 569 22.43
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