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Abstract Based on fuzzy sets and vague sets theory, we proposed novel research methods and calculation formulas and
applied them to spatial decision problem—the location of tailings dam. We transformed from the raw data to vague data,
and got the vague sets of alternatives and the optimal solution. We used the provided methods and formulas to calculate
similarity measures of vague sets for vague spatial decision. At last we got optimal decision. Experimental results show
that the proposed methods and formulas can provide a useful way for the application examples.
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