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Abstract Serverless computing is emerging as a promising paradigm for deploying cloud applications. It really implements pay-
as-you-go billing without wasting resources. Developers don’t have to worry about the low-level details of the computing plat-
form, they just need to pay when processing requests or events,thus lowering the threshold for developers. Although the change
of serverless model brings opportunities,it also brings problems such as cold startup delay of platform function and insufficient
resource utilization. Therefore, this paper makes an in-depth investigation and analysis of the resource scheduling technology of
the serverless computing platform. The technical principle and research status of resource scheduling in serverless platform based
on resource utilization, response time delay and multi-objective optimization are discussed. Finally, this paper points out the trends
of future research directions:scheduling for different application types,the tradeoff between response time and resource utiliza-
tion,joint scheduling between virtual machine and serverless platform,and hybrid algorithm for serverless resource scheduling.
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