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Abstract With increasing Internet connectivity and traffic volume, recent intrusion incidents have reemphasized the im-
portance of network intrusion detection system (IDS). According to the deficiency of the Naive Bayesian (NB) algo~
rithm, this paper proposed an improved NB algorithm. This algorithm based on the original model is combined with a
parameter of classification control. It can simplify the complexity of the classification of data and optimize the classifica-
tion accuracy by computed parameter values. The experimental results prove that the algorithm used in the intrusion de~

tection framework can drastically reduce the false alarm rate of IDS, thereby improve the detection efficiency and de-
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crease economic damage brought by the cyber attack.
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Wbt K R B fvee : TG, IBRR B SHEARIRIDE
7 HTEEEIMNEES X=(X,X,, - X)W REMH
A ICE G #0,1<j<<n) | Normal, DOS, Probe, R2L,
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