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Abstract

Based on the axiomatic fuzzy set theory.this paper regards fuzzy reasoning as the mapping between two fuzzy member-

ship spaces,and gives three basic forms of {uzzy reasoning output results by using the composition of input fuzzy sets in {uzzy

membership spaces. For strongly negative operators, t-modulus operators and t-comodule operators, the perturbation of these

operators in fuzzy membership space is discussed by using Minkowski integral distance, and the continuity of fuzzy reasoning

method proposed in this paper is analyzed on this basis.
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Table 1 Common t-module operators

Name Symbol a@b
Minimum ®um min (x,y)
Product ®p xy
Lukasiewicz ® max(x+y—1,0)
Drastic product @1) {;n’m(f e i)[t;;‘:l ory=1
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Table 2 Common z-comodule operators

Name Symbol a@®b
Maximum @M max (x,y)
Probabilistic sum Dp xty—axy
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Drasticsum ®1) { max(x,y),s if x=0 or y=0
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