http: /www. jsjkx. com

4 A A 2
O tﬁ;m saj@? DOI.: 10. 11896/jsikx. 201100105

B T W N\ 5 TR 22 0 2% B i 5 0 15 49 X 5% $ BR

FEE ERRIR M # RIEFE
EHHEIA¥ERIRE B ER B Y 650500
EMEIAFZHAALEHRERLELHRE B W 650500
(1097942784@qq. com)

W OE SRR N SRR AR RSB ES LR R R SR A N5 A AR R L AUR T B A AR
89 38 BN TR AT I R AR X R 2E R, AL B T — A AR R AR O N A il A A SN 6 E RN T R Ry
o BAMN T EMGECRBATRIG B LA T EABRFAEG BN E LRI R 2 A AT A RN E LB R R AR
ST R AR R AR AHERE RGBT EAREMR I L Z4HME0E L. REH A5 £ BT F I 84742, AR IR
FEBMIFN TR, EREREAN FIRFTFAFIMEE TRAARER I E S L FRLINERE LW HAKEE LS
AEE]T 72.36% A 71.02% & ILA 49 AR BT R AL B0 T R R ARSI SN AT RO IE O A AR B a

SRR A R X R AR W B R AN 2 M %

hEESES TP311

Aspect Extraction of Case Microblog Based on Double Embedded Convolutional Neural Network
WANG Xiao-han, TAN Chen-chen, XIANG Yan and YU Zheng-tao

Faculty of Information Engineering and Automation, Kunming University of Science and Technology, Kunming 650500, China

Yunnan Key Laboratory of Artificial Intelligence, Kunming University of Science and Technology, Kunming 650500, China

Abstract Aspect extraction of the microblog involved in the case is a task in a specific domain. The expression of aspect words is
diverse and the meaning is different from that of the general domain. Only relying on the word embedding in the general domain,
these aspect words cannot be well represented. This paper proposes a method for extracting aspect words from microblogs by
using both domain word embedding and generic word embedding. Firstly,all the microblogs involved in the case is pre-trained to
obtain the embedding layer with the characteristics of the involved domain. Secondly.the microblog comments are input into two
embedding layers to obtain the characterization results of the aspect words in different domains,and perform the splicing opera-
tion. Then, the features related to the case are extracted through the convolution layer. Finally, the classifier is used to label the
sequence to extract aspect words involved in the case. The experimental results show that the F1 value of the proposed method
reaches 72.36% and 71.02% respectively on the data sets of # Chongqing bus falling into the river# and # Mercedes Benz fe-
male driver rights protection # , which is better than the existing benchmark models,and verifies the influence of word embedding
in different domains on the aspect extraction of the microblogs.
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Fig. 1 Aspect extraction model of case microblog based on double

embedded convolutional neural network

3.1 BAE

Y58 — A m AR 3 AL A AT s W= (e s s e
w,, b o 5] F R A TR T — A AR 25 R e LR B T
B XG0 —E A3 SR RN N R AT 55 0 OCHE . K S B0 i T
S S B A A0 S G TR 25 ik AR BB S 43 05 0 1) 1) R 4R
BEWS € R J IR AT P 5 A 1) v, F B2 R ¢ 4k 1) 1)
b FIA ] G BEWC € RV, BRI 5 MO AT N 54
Tl o, X REAG € Yk 1] HEx

X =W0 X e D

xE=WE X ¥ (2)
Hodb VO R i 1) H A B P R 2L e AR IRE w B S ID



GRS A B TR A A TR 22 19 26 139 9 22 SR O X e il R

321

T s e R A A i 1 = O N = e 28 o e 7 £/
M 1 b 25 B 2 R 4% 1 i AP € ROT

xPC =xf Dx¢ (3)

R A P A A 2 2 [ 1 R BE R B — & I k.
TN JZ BT84 G VI 103 1 5 AE il 2 WM 2%, %5
FEURZ AH IO 14 R AE 0 2 4 98 R, AL 0hts el 008 4 22 ol 45 4
A B VN 2 ) A7 2 0l 22 W7 AE R RRAE L X R T e 4 S B
PRI AR,
3.2 ERE

) 1R 0 3 A e A 2 A B0 N Y 1) g B 8
TERBRBMEA . B2 %0 I8, b AR K/
B B AR S TRl B 3 A 1 R RS B A B R A
FER/NHESIED . BREAEEONNFE. BHHK
INESCH F L HR R =20+ 1R B—AEFEO B RAE W
H (D iR

U-=r <§u x5 44) W
Hiiw BREBBHINESEL O ERRESE & —
A VTS RE U, 2 45 RO I 1) g 11

Sy Y ORAE A R T AT AR % £ BB AR AL , AR SRR 7E BE
THEPEREZ R EZTALERZ AL WE. N
it 4 s 5 AR AT B A B R A DR A — B0 AR AT B AR
VB AT AN FHRAE B B A DR U 4% R FH T AT 51 9 45 A 7
BT B i e e R B T N S R = S N R R R i B U =
S —BBUZ T T LR SCE R 18] 19 A5 25 1 X6 A 1 45
AAR A 5w, PRt (5 PP A A T RN e 3 4 ke R AT
fig AN TR B JE L Y 1 N Se SR R A R AE KR . AERET
Kl 3 A B IZ v, U B 0 — Rl e 28 1 S48 T LS B 4
— B RIER IR
3.3 ZEEEM softmax B

220t 45 FUZ A5 30 8] 7 v AN ] /Y R AE ) i 0 A
B AR AN 1) X 1R 28 AR SR /N . R AE 1] S 2 b AR R R B
M AR L EEREM soltmax B, S HBEEEL T EHER
FE A 5 2 RHREAE SEAT i — 25 i i Ak, =X (5D TR

Q. =w""U,; +b" (5)
Horb o RR 2 EHZ N EENEE 0 R E T,

softmax J2 /& W 4> 7% 45 J2 19 45 2R 7% 1k 2% A 4w 45 1 1
Tl A softmax BREUHIE — b AT T

P(y:j\x):,,exiw/ 6
D

Hor, W W TR &2 W EEAE, P(y=/]x) Fmx

W x BT AR AT REE . x" A R E R L L 2R

SO0 R B ) R A DY e R AE SR N R X R Y A 4

H.
4 IBWHERKRSH

4.1 REBFEERTLE
A SC Y BT B AR R S TR B B Y Bt T SR
BTSRRI B R R ECR VR

D https://github. com/Embedding/Chinese-Word-Vectors
2 https://github. com/svn2github/word2vec

FEARA—B MRS EZFBRREFERZ. SilaET
hashtag 2 # H R AL FIA VLR & I & 5 3h & /] HLAEAL SR =
ORI B . B P B BOHE R T SR TN bR T A 5 2 AR TE Y
R IR AT T I A X G K B BE L HE Y ) R 43
RYNGEFIMIRNE . R 1T ARSI .

F 1 TP 3G UM VT S8 S B L ) BIL AR A SE AT A X 5 0 1 Uk

R EITE S

Table 1 Emotional analysis data set of evaluation aspect level of

Chongqing bus falling into the river case and Mercedes Benz female

driver case
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