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Construction Method of Parallel Corpus for Minority Language Machine Translation

LIU Yan and XIONG De-yi

College of Intelligence and Computing, Tianjin University, Tianjin 300350, China
Abstract The training performance of neural machine translation depends heavily on the scale and quality of parallel corpus. Un-
like some common languages,the construction of high-quality parallel corpora between Chinese and minority languages has been
lagging. The existing minority language parallel corpora are mostly constructed by using automatic sentence alignment technology
and network resources, which has many limitations such as domain and quality confined. Although high-quality parallel corpora
could be constructed by manual,it lacks relevant experience and method. From the perspective of machine translation practitioners
and researchers, this article introduces a cost-effective method to manually construct parallel corpus between minority languages
and Chinese,including its overall goals.implementation process.engineering details,and the final result. This article tries and ac-
cumulats various experiences in the construction processsand finally forms a summary of the methods and suggestions for con-
structing parallel corpora from minority languages to Chinese. In the end, this paper successfully constructs 0. 5 million high-
quality parallel corpora from Persian to Chinese, Hindi to Chinese.and Indonesian to Chinese. The experimental results prove the
quality of our constructed corpora,and it improves the performance of the minority language neural machine translation models.
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Table 1 Related information of Persian, Hindi and Indonesian
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Table 2 Existed parallel corpora between Persian-Chinese.,

Hindi-Chinese and Indonesian-Chinese
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Fig.1 Overview of construction of parallel corpora
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Table 3 Initial website of Persian
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The Khaama Press News Agency
TOLOnews

https://www. khaama. com/persian/

https://tolonews. com/fa/
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Table 4  Artificial quality inspection and acceptance criteria
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Table 5 Statistics of manual quality inspection results
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Table 6 Statistics of third-party quality inspection results
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Table 7 Training set size of three types of datasets in each language
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Table 8 Experimental results of BLEU
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