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Abstract The information of e-commerce platforms has a significant impact on consumers’ purchase decisions. It is of great re-
search value to integrate the information of large-scale stores,commodity information and online review information and get online
commodity ranking to assist consumers in purchasing decisions. To solve the problems, this paper proposes an online product
ranking method TS-AC-EWM, which integrates multi-level emotion and topic information,and makes full use of scoring informa-
tion and review content information. Firstly,the online commodity ranking evaluation system is designed from two dimensions of
measurement and content,including four measurement indexes and three content indexes. Secondly . we crawl the measurement in-
dexes and online review content of each candidate commodity. Thirdly.three content indexes are calculated by TS method.which
combines topic and affective information, and AC method, which is based on appending comments. Finally, using the entropy
weight method to calculate the index weight, commodity grading and sorting. Experiments on Jingdong microwave oven dataset
prove the feasibility and effectiveness of the proposed method,so the ranking method has a practical significance.

Keywords Product ranking, LDA,ALBERT, TextCNN, Entropy weight method
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Table 2 LDA topic analysis results
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Table 3 Calculation results of content indicators

i RBEwFae Xs HERIFRES Xy ERFLFL X,

6l 540. 6558529 —40. 92662617 10. 48097257
#® 2 706. 0604542 21.49702273 14.51939216
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Table 4 Indicator data after standard changes
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Table 5 Indicators and their weights
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Table 6 Online commodity ranking results
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