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Chain Graph and their Concept Lattice Representation
LI Li-feng

(School of Science, Xi’an University of Posts and Telecommunications, Xi’an 710121, China)

Abstract Concept lattices are an ordering of the maximal rectangles defined by a binary relation, There is a correspon-
ding relationship between concept and maximal biclique. This paper applied the reduction theory of concept lattice to
chain graph. Firstly, the representation of chain graph by concept lattice was given. Secondly, it was proved that a bipar-
tite graph G=(V1,V,,E) is a chain graph if and only if G’ = (V1,V;,E) is such a graph, where (V1,V;,E) is a re-
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duced context of the context (V,,V,,E).
Keywords Concept lattice, Reduction, Chain graph
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