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Recommendation Algorithm Based on Apriori Algorithm and Improved Similarity

DONG Yun-xin' , LIN Geng® ,ZHANG Qing-wei' and CHEN Ying-ting'
1 School of Computer and Information, Fujian Agriculture and Forestry University, Fuzhou 350028, China

2 School of Mathematics and Data Science, Minjiang University, Fuzhou 350108, China

Abstract In order to alleviate the data sparse problem and improve the accuracy of collaborative filtering algorithm,a recommen-
dation algorithm based on Apriori algorithm and improved similarity is presented. Firstly,it uses Apriori algorithm to mine the
potential connections between users,and uses the confidence of the association rules between users to represent the potential con-
nections between users,then constructs a user confidence matrix to fill the user rating matrix. Secondly, the algorithm uses the
confidence matrix to improve the traditional similarity calculation formula and build a comprehensive similarity calculation formu-
la between users. Finally, the algorithm uses the filled user rating matrix and the comprehensive similarity between users to make
recommendations for users. The proposed algorithm has higher algorithm accuracy than traditional algorithms. Compared with
other algorithms, the proposed algorithm can effectively alleviate the long tail problem of the recommendation system,so as to
further improve the recommendation quality of the recommendation system.

Keywords Collaborative filtering, Association rules, Recommendation algorithm,Data sparse,Similarity improvement
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