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Overview of 3D Reconstruction of Indoor Structures Based on Point Clouds
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1 Faculty of Intelligent Manufacturing, Wuyi University, Jiangmen, Guangdong 529000, China

2 4Dage,Zhuhai,Guangdong 519000, China

Abstract The 3D reconstruction of indoor structure is essentially a multi-task problem of restoring the indoor layout,which can
further reconstruct and semantically segment wall details and furniture. This paper mainly introduces the 3D reconstruction of in-
door structure based on point cloud data. Firstly, the data set commonly used for 3D reconstruction of indoor structure is summa-
rized,and then the main methods of 3D reconstruction of indoor structure based on point cloud are described and discussed, and
the advantages and disadvantages of the three types of reconstruction methods are analyzed and summarized. Finally, the difficul-
ties and challenges faced by the current 3D reconstruction research of indoor structures are explained, and the future research
trends are prospected. It can be concluded that the diversity of scenes and tasks completed by most reconstruction models at pre-
sent is relatively poor,and the multi-task coordination scheme that uses redundant information from different angles to jointly op-

timize has great potential in the reconstruction of indoor structures. In addition. the model still needs to be improved for the seam-

less integration of the indoor and outdoor environments and the full performance of the interior and exterior buildings.
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Table 3 Comparison of methods based on 3D grid cell
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Fig.5 Method of constructing adjacency graph of Ikehata et al. (2]
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Table 4 Comparison of graph-based methods
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w5 me  mm wmA
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Table 5 Comparison of methods based on learning
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