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Study on Quality Evaluation Method of Speech Datasets for Algorithm Model
LI Sun,CAO Feng and LIU Zi-shan

China Academy of Information and Communications Technology, Beijing 100191, China

Abstract With the maturity of intelligent voice technology and product application,the demand for high-quality voice datasets is
increasing. There have been some researchers put effort on the quality evaluation of the structured data,but there are few stan-
dards appeared for the unstructured voice dataset. By analyzing the construction principle of speech algorithm model and analyzing
the construction demand of voice dataset,a unified quality assessment framework for the voice dataset is presented. The frame-
work proposes to evaluate the dataset in terms of four dimensions,each of which subsumes a set of criteria:breadth coverage,an-
thology distinction, field depth and accuracy completeness. The criteria that are suitable to evaluate the quality dimensions are
presented,each with the definition, measurement method,and the evaluation process for the voice dataset quality measurement.
Experimental assessment and analysis results of the voice datasets in the vehicular application field are presented as the reference
for evaluating the voice dataset quality,and promoting the construction of the voice dataset. Considering the diversified applicabi-
lity, privacy issues,efficiency requirements,automation requirements and other aspects of the construction of voice data sets, the
development suggestions for building high-quality voice datasets are proposed.

Keywords Artificial intelligence,Speech dataset, Quality assessment, Algorithm, Model, Intelligent speech
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Fig. 6 Reference text analysis of voice data set in vehicle field
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Fig. 7 Word frequency analysis of AISHELI1
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Table 2 Statistics of data set quality evaluation results

EERE R AISHEL1 THCHS-30
EEAEE 0.73100 0.57320
HAEREE 0.15190 0.12710
BHAE T B E 0.19890 0. 34560
WA W 0.03150 0.02180
&5 HME 0.70490 0.48400

T 0.36364 0.31034
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