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Survey on Event Extraction Technology

ZHU Yi-na,CAO Yang,ZHONG Jing-yue and ZHENG Yong-zhi

School of Computer Science,South China Normal University, Guangzhou 510631, China
Abstract Event extraction technology mainly studies how to extract event information that users are interested in from unstruc-
tured natural language text. It is an important branch in the field of information extraction and has been widely used in intelli-
gence analysis,intelligent question answering,information retrieval,and recommendation systems in recent years. Beginning with
the concept and task of event extraction technology, this paper comprehensively reviews the data sets and methods of event ex-
traction technology,analyzes the technical research progress of event extraction tasks,and summarizes event extraction methods
based on pattern matching,machine learning,and deep learning. According to the different learning methods of the model and the
difference in the size of feature range,it focuses on the introduction of deep learning-based methods,discussing and analyzing both
the advantages and disadvantages of different methods. Finally. the challenges and future research trends of event extraction are
summarized,and the current research trends are summarized in view of the low resource scenarios,poor generalization ability and
difficult modeling of document-level event extraction.

Keywords Natural language processing, Information extraction, Event extraction, Event detection, Argument extraction
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Table 1  Definitions of related terms for event extraction
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Fig. 1 Example of event extraction
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Table 2 Data sets for event extraction
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Table 3 Summary of event extraction methods
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Fig. 2 Event extraction method based on pattern matching
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Fig.3 Process of event extraction based on machine learning
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Table 4 Common features of event extraction classifier
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Fig. 4 Process of event extraction based on pipeline model
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Fig.5 Process of event extraction based on union model
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Fig. 6 Example of document multi-event and cross-clause arguments
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Fig. 7 Document-level event extractiont8]
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