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Study on Chinese Named Entity Extraction Rules Based on Boundary Location and Correction

LIU Pan',GUO Yanming' , LEI Jun',LAO Mingrui® and LI Guohui'
1 College of Systems Engineering, National University of Defense Technology,Changsha 410000, China
2 LIACS Media Lab, Leiden University, Leiden 2333CA, The Netherlands

Abstract Compared with English text which is naturally composed of words,Chinese text has no word delimiters,so the combi-
nation of Chinese characters is more flexible,and it’s more difficult to determine the entity boundaries in Chinese named entity
recognition(NER). Current mainstream methods transform the NER task into a sequence labeling task. This paper studies the
predicted label sequence under the BIOES tag scheme and calculates the entity boundary accuracy by separately considering the
entity head label B or tail label E,which shows that increasing the boundary accuracy can further improve the accuracy of entity
recognition. We expand the boundaries of entities with continuous labels, use the label type of the last character of the entity to
correct the entity type,and use the word segmentation information to fill in the entity with incomplete labels. Finally, this paper
proposes a BIO" ES labeling scheme that adds boundary labels to distinguish non-entity characters at entity boundaries and fur-
ther improves the performance of Chinese NER.

Keywords Chinese named entity recognition, Tag scheme, Entity extraction
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Table 1 Extract entities based on head, tail or both of them
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Table 2 Performances of NER model on WEIBO dataset
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Table 3 Examples of predicted labels and extraction results of some entities
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Table 4 Extract incomplete-label entities with Chinese word segmentation results
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Table 5 Difference between BIO" ES and BIOES labelling schemes
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Table 6 F1 scores of the proposed model after improving entity

extraction rules
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Table 7 Comparison of the proposed model and SOTA models on

Weibo dataset

MODELS F1/%

BERT + Glyph+ LSTM+ CRFL!6 71.81
BERT+ GLYCE+ Transformer+ CRFL!7) 67.60
BERT+FLAT+ CRFEL!8) 68.55
SofetLexicon+BERT+ LSTM+ CRF[19] 70.50
# A 1(BIOT ES)+Cor 75.22

H A 2(BIOT ES) +Cor+CWS 74. 82

# A 3(BIOES) +Cor+CWS 74,07

# A 4(BIOT ES) + Cor 73.37
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