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Abstract
MOEA/D), was presented based on the frame of MOEA/D (multi-objective evolutionary algorithm based on decompo-

A novel algorithm, called multi-objective mixed strategy evolutionary algorithm with local search (LMS-

sition) , to solve a set of scalar optimization sub-problems. The uniform design method was applied to generate the ag-
gregation coefficient vectors. The mixed strategy can make full use of the advantage of each crossover operator,and the

algorithm combines local search strategy to approximate the Pareto-optimal set. Experimental results indicate that the
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proposed algorithm has the efficiency and effectiveness in terms of diversity and convergence.

Keywords Decomposition, Uniform design, Multi-objective optimization (MOP), Local search, Mixed strategy
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