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Abstract With the development of web technology and projects such as Linked Open Data having been carried out, the
association graph has made significant contributions on many areas such as Internet intelligent search., library biblio-
graphic management, medicine and intelligent manufacturing. This paper reviewed the key topics of the association
graph.including definition,framework and construction etc. The research progress on entity extraction,relationship ex-
traction and knowledge fusion are discussed thoroughly. Furthermore, some challenges on association graph are also

summarized.
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