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Research and Development of Feature Dimensionality Reduction

HUANG Xuan

(School of Information Science and Technology,Southwest Jiaotong University, Chengdu 610031, China)
Abstract Quality of data characteristics directly impacts the accuracy of the model. In the field of pattern recognition,
dimensionality reduction technique is always the focus of researchers. At the era of big data, massive data needs to be
processed while the dimension of the data is rising. The performance of the traditional methods of data mining is degraded
or losing efficiency for processing high dimensional data. Studies show that dimensionality reduction technology can be
implemented to effectively avoid the “Curse of Dimensionality” in data analysis,thus it has wild application. This paper
gave detailed description about two dimensionality reduction methods which are feature selection and feature extraction,
in addition.a thoroughly comparison about the feature of these two methods was performed. Feature selection algorithm
was summarized and analyzed by two key steps of algorithm, which are searching strategy and evaluation criterion. Fi-

nally.the direction for future research of the dimensionality reduction was discussed based on its practical application.
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