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Document-level Relation Extraction Integrating Evidence Sentence Extraction

AN Xiankua, XIAO Rong and YANG Xiao

School of Computer and Information Engineering, Hubei University, Wuhan 430062, China
Abstract As a crucial task in the field of natural language processing,document-level relation extraction aims to accurately ex-
tract semantic relationships between entities from lengthy documents. Traditional document-level relation extraction methods ty-
pically take the entire document as input. However,in reality,humans can predict relationships between entity pairs based on only
a portion of the document, referred to as evidence sentences. In existing research. many methods start to utilize evidence sen-
tences,but they face challenges such as incomplete evidence retrieval and difficulty in fully leveraging the advantages of these evi-
dence sentences. To address this issue, we introduce a more efficient and accurate evidence sentence selection method. This is
achieved by integrating a strategy for extracting evidence sentences through a fusion of formula-based and sentence-deletion-based
approaches, We seamlessly integrate the evidence extraction with the training and inference processes,directing the document-le-
vel relation extraction model to focus more on crucial sentences while still recognizing comprehensive information within the doc-
ument, Experimental results demonstrate that the improved model outperforms existing models on public datasets.

Keywords Document-level, Relation extraction, Evidence sentences, Bilinear layer
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HeterGSAN+ SIEF 57.99 60.04 — 57.93 60.02 —
GAIN+SIEF 59.82 62.24 - 59.87 62.29 —
Eider 60.24 62.23 50.29 60.07 62.19 50.54
Our Model 60.70 62.80 50.58 60.31 62.62 51.09

WAMIEYE A F 8 F1AE Evi F1 253 3F 328 7)1 5 B3 00
S5 AR Z AR A N E YRR AT B R 2 R A
Evi F1 4.3 B4 E2GRE Hl Eider W4~ # 8 & %, 0] WL G 18
RAETF R AL A b, A BB BT £ B TE R A T FL
B 3508 T 3 P AR B, A 0 AL A A5 0 48 B A E 30 ) A B
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44,2 FH 28R ER

hy B8 TIE T $8 BGIE 9 ) 7 % HE EL A R BE RS L B BT
THRSEES . FR 2 ] DU Y, HE 353 2 B B AS £ 1 IR 4 /)
T XSS R Wy B, SR R T R IR R ) Tl Fl
SHETT R 0.3 Ze v, 3X A4 B T A0 IR 4 ) 5 T LR O R b
BTG PERE . LR IRAESE Dev AR 4E Test 4538, #E B4
& By B AN A FHE 418 /B o 0 3 4R L 1 5 T T S B g S, 4
AR I 3R ) T 4R IO ik B RE OC 1 B — R I 25 B A OC
Fo BRULZ AN SIS E T B A A Ok RN T 1k 1y
A O . LIRSS R AR 2 R, T i & gm 0F — Fb
TE 8 ) 1R 35 B 9% o K ARE B Y M B R A A R L, 2 BRI A
P A F1(E M RE AR ZY 1. M X1 7 5 25 Bk 2 =X ik M R ol 2>
BN AH FLEHAR T T 29 0.8, AT UL Fl 7 ik B & A
RE A4 IR A1) T RO RICR . 6 FESR A0 7, A (AR 48 in PR A
Bk, B AT DL RS R Ay R RE L Gl i 20 (12) — (14) , fE
RUTT DLMIESE ) 7 B IOCE 219 R F B . bR SRR 2 I
B R SCOCRAR B G  RUIE Sk 32 5 OC 3R 43 28 1 v i 1 0 2
BV BRI Z AN RAT R BUAS BT A Epoch 3| 33~36 YKl 58 i
TZEMING, K7 A S AR T I A R R P
SEIG epoch ¥JE 40 ¥R, B L AT DL B, A0 6 T 5 AS AR Y 9 IR
0 AR IO T LA AR A SRS S, AR AR A 4 JR) SR v R
TR0 15 2038 6 A R R T PR A R PRk e 0 B B e Y E
FFIRA T I R R A B T (ER U HE O A W & S
MR N5 BB — AR 2 SR IUE R . TECR
HESL A, 229 DAIE 95 4] 5 HLAR ARG ¢ R 43 2845 43 i TR ALY OC
FROTHA 0 IR A PR RIE WA RR NFE 2T
AT LA H 78 3 B0 B S il R IR 9% /A B, A AR 2R AR X T 3 4k
FERUAE & A FE AR 3 BORIR BE i T R . LLB A B 4 10
S5AL, I UEAR 19 45 2 5 /N — B {ER B 1Y 45 2R 5 R
KL G5BT AT RE SR A B (R A AL B . BT 22 AR Y 4R A
B I 31 /) - 0 B 3 A 41 BB B RB 8 R VA RO .

*2 MAELTER

Table 2 Ablation experiment

Dev Test
Model
Ign F1 F1 Ign F1 F1
A A A 60.70  62.80 60.31 62.62
- TE B BOR 1E R E AR A F 60.57 62.61 60.24  62.31
- B A % 59.04  60.87  59.34  61.58
-xBRARE 60.13  62.19  59.56  61.83
-k BRAEdE AT 59.11  61.01  59.30  61.31

BRIE AR T 2R e A T RO % 5
T 368 3 55 GIE g /R 5 A B IO RE L f 3 5 SR £ 56 AR il IR
TUBPERE . %5 vk R T Rl 2 5ok R ) 3 O SIE 305 ) T 2 B
WG FE R T X PRk A ROE AR . B A
PL2s 2 o AR IOUE A8 /A 7 o [ b 3 3 A 4 9% R UE 4 4 T 43
T AL » fie R AL L4 B 3 42 JBUIE 48 41) 1 B 58 20 1) 3k 28 4
BCH B TR ) T B4 S L O K R 4f £ B 11 % A 2 el AR A
A DA SOR 20 50 R AR P RE

TE YN ZRBir B - 5 2 il HORE B 5 90E 452 48 HORE B A7 B 4% it 1
SRR BOF AR BB R T (2 2 1 R BY Ay 2 S) AR . T AE #f B
TR B RDRE SRR SO 5 R IRGIE 4 /Y TR0 45 2R 45 a5 Ok L D

SR BT N OC T R B R T [ I D B R SRR A
SRR AR FEBOHE 4 DocRed I 1) 56 3iF 45 2 B &8 F 31
A YIRS A PO I R BAT R E BB E SR R
TIE 15 7 AR 2 55 5 2R i HROASE B S SUAR Bl A B T L A8 0k 2 1)
RUBASE EAH 2. L7 MR A TR IR R R R 5
B OC ZR A BB B vh A BE FE 40 R #E LR A BOAE T 53 Ah AR
TR A5 ) 5 4R BT VA AR — E WO TR R AR B . DY
e A TR AR H RE S TR0 R AT AR L N T B B
TR A 5 F Al U7 L O S R RS TR A 2
Tkt
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