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Survey of Network Data Visualization Technology Based on Association Analysis

SUN Qiunian RAOQO Yuan
( School of Software, Xi’an Jiaotong University, Xi’an 710054, China)

Abstract With the rapid development of world wide web and social relationship networks, forum administrator and
other analysts are confronted with great challenge from massive high-dimensional forum data, It is difficult for people to
manage and analyze network data with rich information resources behind it, While, association rules can provide an ef-
fective way to find potential relationship and predict its trend,and visualization techniques can help to display data and
assist our decisions clearly, By combining the correlation analysis and data visualization., we focused on forums with files
of data and complex structure,illustrated related definition of association rules and data visualization and its overall tar-
get,and summarized related techniques, We raised an implement framework of network data visualization technology
based on association analysis including the association rules mining.topic mining and visualization and other techniques,

which can help people understand quickly in the limited time and analyze massive data set from forums, Finally.we dis-

cussed the prime problems and challenges existing in data visualization.
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