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Abstract The goal of the research on multi-objective immune optimization algorithm is to make the population uniform-
ly distributed in Pareto optimal domain and make the algorithm converge fast. To improve the diversity and convergence
of the non-dominated solution set,a dynamic crowding distance-based hybrid immune algorithm for multi-objective opti-
mization problem was presented in this paper. The algorithm uses dynamic crowding distance calculation to compare and
update individuals in each subpopulation. Meanwhile, it references mutation-guiding operator of differential evolution to
strengthen the local search ability and improve search precision of the immune optimization algorithm. Compared with

the other three efficient multi-objective optimization algorithms,five benchmark test problems and simulation results in-

dicate that the algorithm performs better in approximation, uniformity and coverage. It converges significantly faster

than the relevant optimization algorithms.
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