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H E XFTEAEABUARLKBERREZBERNERS X THRER .M EFEERRGE LT R, B kEL P 5 AR
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FRFZREFHBROIIAREAA MR THAGEFLIA. CEIMNETHELZRESELA S LARGHELRL, BAEFL
EELABEBEAEGENBREART 2R THEHALEEARBRIPNA, AT EEEERNEFEXEAILE AT ERMEH
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hESES (934

Review of Doctor Recommendation Methods and Applications for Consultation Platforms

WU Xingli,ZHANG Haoyue and LIAO Huchang
Business School, Sichuan University,Chengdu 610064 , China

Abstract This paper aims to strengthen the use of personalized recommendation technologies in online medical settings,help pa-
tients choose resources for high-quality physicians,and address the information overload caused by the growing volume of online
consultations. Firstly, bibliometrics summarizes popular research directions. On this basis,this paper sorts out the existing online
doctor recommendation methods and classifies them into five categories based on doctor-patient matching : recommendation based
on traditional recommendation algorithms, recommendation based on multi-attribute decision making, recommendation based on
machine learning . hybrid recommendation,and others. In addition, we compare the application status,advantages and disadvanta-
ges.and the application scope of each category. Finally,we analyze the trend of online doctor recommendations and propose future
research directions. Online doctor recommendation belongs to the intersection of research problems in the fields of computer sci-
ence,management.and medicine. In contrast to traditional recommender systems,online doctor recommendation prioritizes precise
matching between patients’ conditions and doctors’ specialties. Traditional recommendation algorithms are initially applied in
doctor recommendation, but they are constrained by data sparsity and cold start. Recommendation based on multi-attribute deci-
sion making possess a solid theoretical foundation and can flexibly reflect patient preferences,yet they require a high level of in-
teraction between the system and patients. Recommendation based on machine learning can alleviate the challenge of data sparsity
and enable intelligent recommendation, though they necessitate large data support and often suffer from poor interpre-tability.
Hybrid recommendation models, by integrating the strengths of various algorithms,have the potential to improve recommendation
performance. However, the challenge lies in combining and balancing these algorithms. Other research directions such as recom-
mendation grounded in optimization theory and graph models remain to be explored. In the future,it will be important to integrate
multidisciplinary methodologies,conduct research on cross-platform, multi-source,and heterogeneous doctor-patient data mining,
expressionsand integration,and explore doctor recommendation modes based on patients’ needs and preferences.

Keywords Online consultation, Doctor recommendation, Recommendation algorithm, Machine learning., Multi-attribute decision

making
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Table 4  Online doctor recommendation methods based on multi-attribute decision making
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£ : TODIM— Tomada de decisao interativa e multi-critevio in French, meaning an acronym in Portuguese of interactive and

multi-criteria decision making; ELECTRE— Elimination et choix traduisant larealité in French, meaning elimination and

choice expressing the reality; VIKOR — Vlsekriterijumska optimizacija I kompromisno resenje in Serbian.meaning multi-

criteria optimization with compromise solution; WASPAS — Weighted aggregated sum product assessment; TOPSIS —

Technique for order preference by similarity to ideal solution; MULTIMOORA — Multiplicative multi-objective optimiza-

tion by ratio analysis; CoCoSo — Combined compromise solution; LINMAP — linear programming technique for multidi-

mensional analysis of preference; TF-IDF— Term frequency-inverse document frequency; DNMA— Double normalization-

based multiple aggregation.
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Table 5 Comparative analysis of different online doctor recommendation modes
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Table 6  Application of doctor recommendation methods in different

diseases
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