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Threshold Based Adaptive Vibe Target Detection Algorithm
WANG Hui SONG Jianmxin
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Posts and Telecommunications, Nanjing 210003 ,China)

Abstract Vibe algorithm is an effective pixel level background modeling algorithm., During the moving object detection
process ,the Vibe algorithm can’t eliminate ghost quickly and change the update speed according to the change speed of
foreground. To solve these problems, this paper proposed a threshold based adaptive Vibe target detection algorithm,
When a pixel is judged as foreground by Vibe model, Otsu algorithm will be used to caleculate the threshold of image
segmentation. The pixel will be judged again to eliminate ghost pixel according to the threshold, and the background
model of the pixel is reinitialized, According to calculate the change of the centroid of the moving object, the improved
algorithm changes the update rate of the background adaptively. The results show that the proposed algorithm can ef-

fectively absorb the ghost in less frames and detect the foreground object more accurately than the original Vibe algo-

rithm.
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