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Effective Task Offloading Strategy Based on Heterogeneous Nodes

FAN Xinggang' ,JTJANG Xinyang' ,GU Wenting' , XU Juntao' , YANG Youdong® and LI Qiang’
1 College of Computer Science and Technology,Zhejiang University of Technology, Hangzhou 310023, China
2 Zhijiang College of Zhejiang University of Technology,Shaoxing,Zhejiang 312030, China

Abstract In vehicular edge computing( VEC) ,how to use the limited network resources to implement efficient task unloading is
a research hotspot in recent years. This paper focuses on task offloading in the heterogeneous node mode and designs an efficient
task offloading strategy in heterogeneous node mode(TOS-HN). When a vehicle generates a task,mobile node offloading is prio-
ritized to offload the task to a nearby idle vehicle. If the mobile offloading cannot meet the task requirements,a fixed node offloa-
ding strategy is adopted. In the mobile node offloading mode,the cost matrix is first constructed based on the task processing de-
lay and energy consumption,and then the Hungarian algorithm is used to determine the optimal matching between the task vehi-
cle and the processing vehicle. Simulation experiment proves that the TOS-HN algorithm has significant advantages over other al-

gorithms, with better performance in terms of delay,energy consumption.task success rate and base station load.

Keywords Vehicular edge computing, Task offloading, Heterogeneous node mode, Mobile, Cost matrix
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Fig. 4 Average latency vs. the number of task vehicles
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Fig. 7 Failure rate vs. total task size
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