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Review of Quantum-inspired Metaheuristic Algorithms and Its Applications
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3 National Natural Science Foundation of China, High Tech Research and Development Center,Beijing 100006 , China

Abstract The quantum meta heuristic algorithm is developed by applying quantum computing to the meta-heuristic algorithm.
This kind of algorithm is good at solving combinatorial and numerical optimization problems,and has the characteristics of acce-
lerated convergence,enhanced exploration and development capabilities,and can obtain higher performance results than traditional
meta-heuristic algorithms. This paper mainly summarizes and reviews the theoretical methods and applications of quantum meta-
heuristic algorithms. Firstly.this paper expounds the basic concepts and principles of quantum computing,and analyzes the chal-
lenging problems that need to be solved urgently in the field of quantum computing. Then, this paper expounds the basic princi-
ples of six classical quantum meta-heuristic algorithms.analyzes the latest research progress,gives their advantages and disadvan-
tages in solving domain-specific problems,and demonstrates the application of quantum meta-heuristic algorithms in different dis-
ciplines and engineering scenarios. Finally, this paper analyzes and explores the existing problems in the theories and methods of
quantum meta-heuristic algorithms,and summarizes the future development direction of the theory and application of quantum
meta-heuristic algorithms.
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