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Zero-shot Knowledge Extraction Method Based on Large Language Model Enhanced

PI Qiankun, LU Jicang,ZHU Taojie and PENG Yueling

School of Data and Target Engineering, Information Engineering University,Zhengzhou 450001, China

Abstract The knowledge extraction task aims to extract structured knowledge from complex information resources. However,
existing research on knowledge extraction often relies on a large amount of manually annotated data,leading to high costs. To ad-
dress this challenge, this paper proposes a zero-shot knowledge extraction method enhanced by large language models, which aims
to perform knowledge extraction tasks automatically without relying on any manually annotated data,leveraging the strong se-
mantic reasoning capabilities of large models to reduce data annotation costs. Specifically, it first preprocesses the format of the
test set data and fine-tunes a general-purpose large model across domains to obtain a data annotation model. This model is then
used to annotate relevant texts to extract corresponding entity and attribute inference information. Next, this paper establishes
a new chain of thought prompting paradigm for this information and further fine-tunes a specialized large model for a specific do-
main to obtain a knowledge extraction model. Additionally.it continuously increases the data and iteratively trains to enhance the
model’s performance. Finally,it enhances the attribute information of the test set using the large model to improve the knowledge
extraction model’s understanding of the text,thereby enhancing its extraction performance. Benchmarking experiments on multi-
ple large models further demonstrate that the proposed zero-shot knowledge extraction framework achieves a significant perfor-
mance improvement.

Keywords Large language model,Zero-shot knowledge extraction, Data annotation model, Chain of thought, Knowledge extrac-

tion model
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X S B AT AR AR

B Al M G BIF FE 0 3 R B =k ol B
22 2T 3 Fh oy i PR TR AL A B = R i N TR R RO 2 R
RN . AR Xk S kK R A 2% 2 (Zero-shot Lear-
ning) B AR REER L Oy D BRI B POk
P 2 o 1 3 o T T B B8O L S A R N T A R A )
BB T —Fp T 47 7 58, Jn LA PR IR R T AR 55 3 s AR 5L
Bz i B A

JAE AR A ORI 5T AR T — s i AR EX
875 vk b TR AT B RAE AL, S B AR A 3 S
P R BUAS FE o DT A5 ik B0 0 S AN WA . b Ah B A B
) 38 i, 3 46 v T e TR I 1 R 200, LA v Ak Ak R MR AE 4
. RIBEFEIOT AR W & B R R A R i B 2% 42 1t
T ARG B, TLEL 0RO A I SO RE T L RE S AR B 0 AR
WA ETN LT FER XFEe ) BER e T EH
AR S B ROR L IR I L A B A 5 R AR R U 4 AR
SCHRE Y — b T I AR AL A Y SRR AR R R T 3 8 5
H B U AR 5 R U T R Py [ A, S SRR A
A [ 5 TR A U BT 55

AR ETTAETTHR AL T

1) BF % A S04 S 8 GUEAT: 55 b Ol R i N AR TR BN BT
R B fe5 AR T E () B, 4 T — OB G 2 F R AL EAT A
SRR SE BT B U 5 F AR B (9 X% 5 AT SE A
A0 b Ry X B REARAT 55

2) EF X EN P IBRAT 55 TP Iz Ak 3 S5O R I n) B, £ 0 OR A
IR R 55 D B R A 25 A 1 7 XL R R R R T Tz
IR 5, L M AR AL o R 5 AT 45 1A 7 R BB AR Ak o DA T 8 B % 43
AT 55 4 R RE

3) 7E FE R G A B S 5 SR Tk — 25 UE L AR SCHR Y
A HE S b S5 SRS A, 7 T A B0 4R 1) R AR S U
PEBE LA R T T 7. 13 A 43 5R 8. 59 ANH 4 .

2 MXTIIME

FREA TR BCE 75 VA R R S AR BRI LT
1 AR 037 A0 R T s AR DL 3 1) 651 8 SC A e Al I HR AR G

Examplel

R EETHREIHE

U R TR Asontiat.

N {entity_type: FHSE A, attributes:

ik 4 UL B TR, BN A
= DRI, )

KB, B, IBRTIBR, BEMH
W2, EERR.

BEFELES

AR ZAR ) TP FAE T R AR T A T RO A AR £
Aot SRR ik B A B ARG B 2 (9 5 DL T EAT

e 8 (9 T AR A R IR 010 32 B0 BUAT O e A
FEGETH M7 - FF R AR S 3 B 05 8 Abs 28 9 [m) SCI) 1 56 5
85 Ok LB AR BR T B B REACE ST o SR B B Y
FRE K XA A TE A AR L RR R . T R
P i — ] A B R B 22 1R BIF 5 3 T 3 9 0 R B B R R
B FRIRBE ST U IR AE TR A4 o 3 5 v e B A9 2 O
B2 ST HE 1 R A SO Ak B A A R R IRUAE: 55

B ARTFE . Wang S50 80 01U IR 95 HE 2 S 1 4R
B E RS S I TR A R R A BT 55 Hh I R AR AL, DLt
X R 3 4 b 48 A 55 EAT AT AN . Sainz SR SERT BT
FE AR BT BRI AN W0 . (R O R o — ol B 5 i L
RO AT A R S T R B T U Y 40 A AR AR S Y AL LU
AR v TR A 27 o A E AU Y PR AR . BE B AT T Y AR T IR
A VFZ BTG T I X0 R 5 U R R il O AL, DL
JOL 2% AU 0 R T oK Hou S5 I B R R L R 5 A IR
A RBCE MG R, B ChatGPT o Rl BUE: 45 3%
THRH L B 4R R B L I K AR 5 S A R AR A 5 it — 2
A AT I L A R 7S o B o K RS S I il 4 O S R AR Y
FIRES R . Kartchner S5 #R R T 6 FH RE BL R AT 22 B A I
R S 58 B AR 23 BT B9 T AT 1 78 X oA A 48 AT 55 P A T I 2
e 21 0 4T g Aty IO R B R B M RE

S B R T AR E GUR R AR B RS T — 2
B 2C2R BE T {ELE VD7 T 6 35 5% 02 1 AR R R 1 3k 4 0k 47
AR ZTE Z AR5 T B RO S R

3 AXFE

ACSCHR R B A R IR A ROAE SR A0 18T 1 BT L A SR
AL B AR T A U O R a3 . S TR RO B AR B
w4 O MR AT T AL B O 5 S TR A T R B AR ] —
ABAER TR SR 7R TR A OB b ) R B i A
TR X QB ) SCAR 3 A7 80008 Ao B 8 A L ) S 4 4R
71 | ST R AT RN R L I 38 5 A Wk AU Rl R,
B SR AR AL 4 0 P IR BE

Examplel
Instruction Wi;gggﬁgﬁgﬁ;ﬂﬁ u
SR, B, WICHRR, WEWGE . LLM
2, EERR.
B AR

Output schema

BRMRAE 4

RS i) (S R SR, (.

éé = [ |:(>: R~ A RE R SR, RelBinpuct R, KRS 6 E AR, |

Instruct I Output{{entity_type: #i%, attributes: {F+: 2414 oty — AN K51, 45 —4012 4 |

e & IEPile | RARRBENES. B Aa st l— A, HFR2T, pxk, ) UME J.
e | FIERE o R e P ST L U T ) -
W% T & W

R R~ MR B R SR, Relfinput WK, KKE RN SRR,
B <4 < Ouputentiy ype: %, atbues: (4 00K 85— A KA, A~ 280 = |
|

RAXFRENES. B W2 KFH AR, LFRZT, 2t 1]

BEHE R

1R AN R 4P

Fig. 1 Framework of zero-shot knowledge extraction
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3.1 BiEfREER

h LB REAS R B RO PR T AT X 3 A AT
AT FHL i AR () SR R Ay IR B A 2 4 A i A OO A T
i 2 B0 A% 2 LAt 52 BUAE TR 8 I AR T A BB $ T S8 B
Boibn s o MR AR M SU R e R BN 18T 2 s o R D

###  Instruction: {instruction: & — /> B ¥ 52 fR 4
REME R, RN EIRE A (entity type)ty
schemadfizt , A XA 41 B AR o B SEAR 245 An 3t
BHER, THENBESME, BRFES R
REF| &, FHhm g A B jsonts K.

schema: [{entity_type: 7. A, attributes: {[E #: & F
E-NERGE RHAROGFETE. Bk ks
HAOHENTEABRFOTH. BAEEMH: HAe
B R E . RRAE S R EERILAM BT Fo
ARG R, 1}

###  Input: {F 2, 19834 4 Fildbd B+ %
wERE AN, L5k, ELFREERFR, 7
HrEEA, FAREl. HEER, Hdd Rk ER
HEBHERER...}

Ca) I IR A 31 7 AR s 1

=)

s

B R Instruction #5285 # Y Schema 15 B & Output, ¥4
FAE B AR AT 55 1% o S (AR AL Bk — 20 B A 1
55 A SCR AN R 32 78 BEAR « “IR A2 — > &) 35 5 1k R IR A7 1
Lo MR dnpae BN ZE S IR SCAR oP bR T A R 9 S48 LR
PEMRRE” o 58 B B bR T £ 7R 5 SR 0 an AT 2(b) Tz

### Instruction: {instruction: /& —/> [ ¥ 52
R RREE R, REnputF AR, AXAE
HAT AR R Y SRR B R, )

##  Input: (32, 19834 & F#idu# B
EFREERE BN, 5K, ELFFEER
Fhe, HHWEEA, FRR. WEER, #d
HREKEAFFEHTHER...}

###  Output:[{entity_type: 7. A, attributes: {[Z
R TE-NERNERSARGEERL
. B REERHMENETELFERRHT
fE. WAEM: WMAENAKEH. REFES K
RN ERA T ZRREHER. 1]

Cb) B b 1 48 7 18 1

B2 BodE bR A 55 BiAk B

Fig. 2 Data annotation task preprocessing

TE AT BT B T R R (94 Bl B e P ASE R 1) S0 i HR
A8 7 o DATRUN STAR v (1 S A i R A 6 SR BT X 7 1) Je P AR
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e 01 AT 55 1 R A 57 0 M8 L A8 T Ll 19 AR
HECBER, AT 2 AR 5. AR SCEEA % B R
5 AR 2 18] 59 - i, % LLAMAS3-8B K AR Oy S8 A% 1 4F 45
TR A L LB T Ak A 0 K A B A fif
LA W7 2 20 0 {4 5 s 2 500 344 5 X O b 48 SO AT B0
B A AE T .

R T AR B SO AR AR 1 AR, B IR AR 1 il
BT 55 v {5 80 98 IR A B , I 0 4 IS 78 A o o o Ak 1 60 3R
I ZE R A SR A S 80 B8O (PEFD # AR, il 35X
Ty RETE BE IR A PRS00 R SR /MBI 2 B0 B0 A
S S B DT S i 5ORVAS O 1k A AR R B . PR, AR S
% PEFT 42 AR i) LORA 0 77 125, 4% 181 2 T4k 35 00 3t 4
155 A S VR I R B0HE 2 2R B0 T i T 22 R TR 45
PIBTR AR 8 T2 W EARRARGE 8 X B 500 T i
P LLAMA3-8B B, g 15 55 Bl 450 70 2% > 3 [7] 45 388 1) 45
AR 7] s 4 X P O 0 ) T A R A8 B — A B — E AR
SRR R A T AR A
3.2 AiRhENIEDSR

Shy (5 50 70 T S Sl B At RS I G B P Y SO B 28
T, 2 4 SR 0 32 4 v 9 S 4 288 TR A Sy G Bt ] 33 4 G 5 i)
LR PR SN N PN E AN AT R A S
E A5, SRJ5, UL InstructIEN F TEPile™™ B A~ A F (4
o OB S R A B0 U DA VT A B0 A v TE i O g 1) A DG
TE (4 TE A T SCA BN o4 LA Sy i 3k A 1 T B AT

ST L 0 U IBOAE B 43 S A TR T R R R
RUBIR AN B MG B, 3 ANy, wOEL A 3.1 W AR R
B R TR KRR TO AR T SCAR AT BOIE R E . SRS LK
75 B 1Y R TE SOUE Ak 3 R DU 4 A% =X, O Bk T G B A5 B
TR R R, e S, SR RO AL R R b A AR Y R M

Tl 2K 0 04 A7 T M i R G 0 L

BRI L 5 — 40 3 B AR R Y TE AR T S A i
B bR B SE AR TEY . e, R IUE 2(b) Hr i 4R 1
&, %F Input H i A SCAR AT Instruction WA $& 7, 1F 17 3k
BB A — B A SCAS 1 55 R 28 A entity _type FZ S0 1K i B
A JE i B A5 B attributes, SRJG . 0 AR IE AR AR 19 B 7R 4L
s 5 I3 FE AT 55 ) 55 o 5 X A v B EAT A U . B
M R AT 551 ) S A PR AR AN T 3 T, e e R i B
5] S AR 53 Sk A - 18] 380, it — 25 g 5 455 700 5% — 2 fift B il B
PRSI [ 50, 585 20 g e ity B P S 00 IR A, X R A 43
Ko P b A2 4% 1 ) TR B A L AT B U R TR A A T
v B A £ 6 )

### Instruction: {instruction: 172 —ANE % Sk an R L £ K. HR

6 4 52 B AR K B Ao o B schemadli ik, A T AR NS s i U AE

RLHy ARG An B A B AR AR, AT E Sk T AR S B IR R il A

SRR, SRJE B B 52l schema: [{entity_type: A,

attributes: {E#: B TX - NMERHE R ARG EELE, Rk RH

HOFEAETEEFRFH I, HAEEH: WANEKE . REME

d: AR BB T AL A RS (R, 1]}

###  Input: {52, 19834 WA Tildd B LK kwkE BN, £X

i, L FHREFRFR, AHEEA, FRE. BEER, HLER

RREAFEEHERER...)

H### Output:{Z A: (FK 2 (E#: FE, Bk A8 A, &5 &

B B AR RO IR B AE B OB KD, A B 19834, kAR
o FRBI Y}

3 R IR 7S AR 7 ]

Fig. 3 Example of knowledge extraction prompt template

B ARy J BER AR IO R B SO . St — PR A
TRl AT 55 19 1 i 65 B ol 43038 19 60 TR il BB TR £ Dy 4%
RO BEAT 30 . B 5 OneKE B0 76§51 1R 52 119 41 H i B
5 T 2 AR 0, FE R AN ALl L AT S R S L b R
S B R0 BT 55 v v B R AR AT oK . BRI L AR SCHE IR
A E#EAT LORA S0 5 45 8] — 4> 2ol iy HHR Sl IR AL, 5
TR ACIE 1 AR B R R BT 55 G AR L 7B A5 BN 2R K dE
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S U R A, SR A ] ) DI 2 D7 36 A W 9 e Rl A
T, LIS T BE Ik B AR AR TR RE

5% = 03 TR BRI AR B X ) P A R AT Y B . B
Sy AR AR R B 1 2 IR T A B B g RN A8 3 T L A B S
Oy S 3t X Ji At A S LA St B R RS R X s A £ S AT

{
T

schema: [
{entity type: £ 1E,
attributes: {
TR ATRRAR,

BB - 5 s 3 [

THEIE . iR T G IR 1 P IE AR AR R AR SCOUN R 1
figt % 55 J P 4 A [) B9 £ 80 E AT OB B A TE L AT AE £ UE AN 132
I B A RTER T 4R 5 R VR R A R . B R
T334 08 i M A L RS B AN TR 4 TR . R P R A OSSR
oA i A 00 1 R AT R 45 0 5 A A R S 2R

&) AR : AR
SAlty e, AR B TR E
FWRT WS GRS R

input: X Rl, FHREHRFEATRABRA-ZEERR. }

| |

EAE: XA,

TERBMR : ERERFHAT
RATFHAL,

BREREAL A B F BT R
GREEE T
1
1

FEMMBER

a

EfE: xR,
TR —REEH R,
BMIREAL : EREHFEAST
AR A
L]

s

KRG AR R R

PR 4 RS S R A i 83 5 7 4]

Fig. 4 Example of attribute information enhanced for large language model

4 ZHWHER

4.1 HIE&E

BAE S BB HEAAT 55, BBUR D 4 T w0 FE L A Fn &
FEMALE P54~ B A b ) B 2R AR [R] , LS A2 A 43 7 4
AT PR U B TR G i 6 R A T A 92 Ak e . ISR
1000 2504 . AR B T 1024 5805, f AR
ALFE 3 4~ F Bt :id,instruction Fl output, instruction T B &R
T i A HE 4 B A A 4 3 A PN A — R T B AL B Y 3
A Ginput) , Z S 58 ST 25 R4 N P 2 B SR Y 1 S 4 (in-
struction) , output T B IE— A~ 45F4 1k (1) 45 S L AR 4l 4 HiLEE 4
R A U SR A AR B R . R BB 3 1 A

1 MR AR B R ]

Table 1 Example of test set sample data

F B 7 Al
id 28542
{instruction: ¥5 & — N E B LR R LML R, RAE
Hr N 52K % A (entity _type) # schema 3 3, A SCA &
WECHA R S RL LB EE A FENEET
WE. BEREFESHERREF L, HHE N THA N
mstruction json # & . schema: [ {entity_type: & 2 & 3 B , attrib-
utes: {3 LA E AL A G, BB E SRR W
Ji Ok 5E R 4 SR B By B, W A . A A By B iR
HiE by ]input: EAR A ERE 194 £ 3 H 9 HH & T
EBx2a.HLARME YR THLZAR . LEE
FRRMEEH)
(RREH R ABREFEHE (I L E A%, W £ H.
output

EEEZAARE )

I 3.1 A ECHE b AR T TC W RO AT R T R
B TE S5 BB A S N5 o 4 DI 25 0 0 K B X S 2 2 1Y
JE N Kdik | 35 4 4 R R SO L D T R B AN S 2 AR R

D https://tianchi. aliyun. com/competition/entrance/532183

B A 0 S A R 3 AN EE HEAT SE AT AT, Ik 2
Jir
%2 VISR RPN GE T AT

Table 2 Statistical analysis of training set and test set

W& & K &

Sk R Ay K B 36 131

TG LFEAREE S ) a5
AT B

T ARSI A 0.4 76

B

InstructlEN SR R R — L & M 30 T & HR AW
FH S SR (0 48 A B AR L R L 1T O AR B il RN R LR 15 A
AT 55 Bt Y R B ek B AR

IEPile!™ iZ U S5 40 % 29 200 J5 448 4 A i 3 73l
FLBEE E RS 2 AU I T 44 SRR (NERD
KAMMBRE (FAFER = R0 TR 5 .
4.2 EWIKE
4.2.1 AEABA

TEAT AR ALA 5 19 92 56 vy, 3 S 8 BROAS [m) LA A i A
B R 18 R 1 S FE RS, A 4 OneKE™, llama2-13B-
chat"®*!, llama3-8B"", ChatGLM3-6B**!, Baichuan2-13B-
chat'®1 il KnowLM-13B-1E*,

OneKE: % T Chinese-Alpaca-2-13B 1 £ 4> £ 0 33074 1Y
A, e — A F TR B A B i AR

llama2-13B-chat: Meta T 2022 4£ & 7 1Y) — Fh ¥ i H =5 3%
B R BB T8 FRIAL B X I K b = AT T Ok 0l E X
TR A AN IR T TRT LA T R 480 R T A

llama3-8B: Meta & 1 (Y llama3 & 5l Ff f) — 3K 52 11 2 K
W BLR R H S EOIRN AR I 2R RS I 2505 T
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HEAT T K Ak o (ol JH 7 e Jy ThTR B T T R i A A

ChatGLM3-6B; ChatGLM % 51| # — X iy FF V5 4 51, 76 {3
B T P AR TR O 75 A 0 SR L D e R SR B T RE S 4
TEHE S IR R A T AR A R AP RE

Baichuan2-13B-chat: [ JII & GE 4 H A4 B — 18 13B FF IR K
EE AL R 2.6 742 token 15 5 B 5 RHI 6 78 vh 98 Sc
T vh 2 AR T 4 AR

KnowLM-13B-1E : 3£ F llamal Jig J& #5554 i 8 45 21 59 % k.
5 BB AHE 4L , & i T AR T 55 . B 7245 & RO Al
TR R L B AR A S U BT S5 i R B
4.2.2 WHEHA

FEVEAS B Y 52 560 RO B AR SC F BLR ARG 0 36 (P L A |
FRRA F1AEAE R PEAG R ARY o Fovb RS i 2% 32 7R 1L AL 78 7
T R 1E 2K A RE A b, BCIE AY IE R RE AR BT S Y E ] 5 4 TR
2 0] A e 7 T AT SR A E 2 AR A R, AT 22 0 O T R
EZGFLEHEMBHEMG R R RSB, K58
F1=@x P R)/(P+R), Re 5 U7 3T 5% i S #8510 1) 25 &

Ry PIA A R A S R 1y T o ) BRUA T 30 SR A I L
PRGN B AFTHAEAE A PF O 48 b o 4 T L PP AG B A PERE L I
Hh S A I 3 1 AL AL X 4 00 3 8 B A AT T Y
S B ] 2 A4 R 7R T 1 4 T B 4R 0 1 B L AT
TH FE 2 48 4 20 o AR PSRBT o Y AR A I
4.2.3 FHAHEKE

A 303K T LLAMAS-8B B AF Sy S8 47 1 1 3 T B0,
OneKE #8404 LAY 3 T A A0, 78 I 2R 880808 Ak v 4
R, R LORA SO A 77 vk i ] [pl6 15 A5 80RE BE #4791
YR, REE R 1X 107 AR 10 %, 28 U145 5010
U B B, SR A LORA B 1 3k I ZR B A N 1lama2
zh, il AdamW™ AL 8% . 25 3] R B E S 5 X107, Yl e
ok 10 %, FIA LK K NVIDIA RTX A6000-48 GB
GPU Li47,
4.3 ZWHHER

& 3 BT S AR ST B AE R AT TR A R RS 1
RV RE L DL B SRR AT TR R H At 4] L SE B0 25 R, 3R 3 ik
LB ZFE AR OneKE JEAli B 38 47 4F o] 4b PB4 , B H2K
HAFMELE MR, Hobh, x SRR B0 bR I A0 I
SR FH 3 FFASE 0 (1) 52 46 45 S 5 1 2 0% B Bk T R0 Rl B8 R
FH % ol A5 Y S 6 25 R 5 O 28R B Ak T SR FHSE FASE AL, R
HHCR Ll A Y, ) 40, Baichuan2-13B-chat + OneKE® 5%
I8 BB AR IE AT 55 & H] Baichuan2-13B-chat 5 A, 201 8 4l B AT
% 2% H OneKE #R, H A5 14 2002 . A SO B AR 4R i
FHW AR T A T vk 5 TR LA TR Lh L % HE 4 7 P AR 4R
LB FLAES SN 7. 13 AN E 43 M0 8. 59 A~ H 43k, ik ik —
35 F WA T T B AE S8 AE AT TR A 0 P I A PR A

Ry ik — 25 43 T T B AE v A Y 5 el AR [R] - 4R
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Table 3 Comparison results of zero-shot knowledge extraction for

each model
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ChatGLM3-6B* 56.02  50.49  53.11 54.62  48.61  51.44

Baichuan2-13B-chat* 62.72  61.39  62.05 55.35 61.31 58.18
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Ours 69.50 65.60 67.49 68.40 65.99  67.17
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4 AR PR ACROR W AE I AR S U A R
Table 4 Experimental results in the reasoning efficiency and memory

consumption with each model

A WA e/ B BERE/ (B E) £ 7 #/GB
ELHEA 1739 1.70 9.5
llama2-13B-chat 3334 3.26 9.2
llama3-8B 2060 2.01 6.9
ChatGLM3-6B 1018 0.99 12.4
Baichuan2-13B-chat 1607 1.57 17.1
OneKE 1864 1.82 11.6
Ours 2045 1.99 10.4
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Table 5 Ablation experiment results
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My Heart, #j & Hy: Bk} )}

Input: 7 Ui 7%, &k Rz 4 &-4andafk i 22 —. 20104F % 47 5 3KEP Listen To My Heart, 3% /3 #1320 8 41 % 412010
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®613
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Fig. 5

Case studies of the proposed framework



28

Com puter Science

THEPLESE Vol. 52,No. 11, Nov. 2025

SN HTT DU 8% B B bR TE B A5 80 T 12 A R0R
AR AR 7R AR A R P AR R S B RS R
B I . I 2 T 00 A 0 A e Oy A R 4R 41 T A o T
Y GR B HE 4545 R 7 AL PR R0 SR IRUAE: 55 1 B R X 4, DA TG
FE T4 i B J At A1 3R A S A IR AT R A R 1 2 X L
TRBREREAE SA SO L m g R, SR ENL B
B4 7 A L AL SR A 5 BRI TR, B
TE T 2 $2 70 30 30 1 0 e AR R TR VLR Vi 2R R T IR AR B L
FOL BRSO . 2 3 X T BB R M SR A R 5 A
SCTT IR AR . S g R I o DR T S AT AR R A J A
fifp P IR IR i AT B A8 Xk BT I A o A RO R A A R R A B
fifg 6 o 1 A7 BB HS B 9 4 ) R R

BERIE  ASCRIN T — A28 B E AR NI ORE 2E
T ) FH R 1 R AR S R 5 ol B N A T A P
R RA T #E . 1% DT A A T OB L alh R
I3 80 3 D A A TR 35 A ) Al o 2 S 2 X T B A 56 SCAR
HEATHE BRSO R AR B . B O fE BRAS 20 SO
T A R B R LUK A P RO AR R . B T S R
T % oll AR 8 A S8 Al 0 A5 20 00 TR TR A O e R
AL O AR AL 1 S Rl B B

SR o A SCOF 3 I o A v 8 7T A9 38 R 2 D i B AT
— S O | AR B Y B0 T RE 2 5 e R TR I 2R A4 T A
P EL RS R A e 5 0ol 2 Bk 2 375 WY A (045 D e L S e A A
B A PR . TR R ROKE P K o T AL X HL B R
B 25 U B R L AN IR AT Al 1 ol AR TR A A U N AT
DU 0T B G0 R 22 (8] 19y i SC 2 S A R AT X 5 3 G A TR
T S22 [R] TR 7 R /D A B A s AT 55 o R 25 . Ut
B K FUBRE 2 B9 AR B3 5 3% 05 25 A 45 L BT R o 4R
L A 465 K A U 412 g SRR AR ) i o T S A L (AR A B U AT
SR IR Y 3 R T A

2 % x o

[1] LIBL,CHENY Z.YU S W. A Survey of Information Extrac-
tion [ J]. Computer Engineering and Applications, 2003 (10): 1-
5,66.

[2] YU]J J.WANG X,CHEN W L,et al. Self-training method for
low resource relation extraction []]. Journal of Software, 2025,
36(4):1620-1636.

[3] WANG R Y.XIANG W,WANG B,et al. A survey of document-
level event extraction[ ]J]. Journal of Chinese Information Pro-
cessing,2023,37(6) :1-14.

[4] ZHANG Q,SONG Y,GUO P,et al. CRMSP: A Semi-supervised
Approach for Key Information Extraction with Class-Rebalan-
cing and Merged Semantic Pseudo-Labeling [ J]. arXiv: 2407.
15873,2024.

[5] QING,LIN N,SHEN M,et al. Global information enhancement
and subgraph-level weakly contrastive learning for lightweight

weakly supervised document-level event extraction[]]. Expert

[6]

7]

[8]

9]

[10]

[11]

[12]

[13]

[14]

[15]

[16]

[17]

[18]

[19]

Systems with Applications,2024,240.:122516.

LYU Q.,ZHANG H,SULEM E, et al. Zero-shot event extrac-
tion via transfer learning:Challenges and insights[ C]// Procee-
dings of the 59th Annual Meeting of the Association for Compu-
tational Linguistics and the 11th International Joint Conference
on Natural Language Processing. 2021:322-332.

SAINZ O,DE LACALLEO L,LABAKA G,et al. Label verbal-
ization and entailment for effective zero-and few-shot relation
extraction[ CJ / Proceedings of the 2021 Conference on Empiri-
cal Methods in Natural Language Processing. ( ACL 2021),
2021:1199-1212.

WANG C,LIU X,CHEN Z,et al. Zero-Shot Information Ex-
traction as a Unified Text-to-Triple Translation[ C] // Procee-
dings of the 2021 Conference on Empirical Methods in Natural
Language Processing. 2021:1225-1238.

FU Y.LI X,SHANG C,et al. ZoIE: A Zero-Shot Open Informa-
tion Extraction Model Based on Language Model[ C] // 26th In-
ternational Conference on Computer Supported Cooperative
Work in Design(CSCWD 2023). IEEE,2023:784-789.

YANG Q.HU Y.CAO R.et al. Zero-shot Key Information Ex-
traction from Mixed-Style Tables: Pre-training on Wikipedia
[C]//IEEE International Conference on Data Mining ( ICDM
2021).1IEEE.2021:1451-1456.

MIN B, ROSS H,SULEM E, et al. Recent advances in natural
language processing via large pre-trained language models: A
survey[J]. ACM Computing Surveys,2023,56(2) ; 1-40.
WANG X,ZHOU W,ZU C,et al. Instructuie: Multi-task in-
struction tuning for unified information extraction[]]. arXiv:
2304.08085,2023.

SAINZ O,GARCIA-FERRERO 1, AGERRI R.et al. Gollie: An-
notation guidelines improve zero-shot information-extraction
[J]. arXiv:2310. 03668,2023.

HU D, LIU B,ZHU X, et al. Zero-shot information extraction
from radiological reports using ChatGPT[]]. International Jour-
nal of Medical Informatics,2024,183:105321.

KARTCHNER D,RAMALINGAM S, AL-HUSSAINI I, et al.
Zero-Shot Information Extraction for Clinical Meta-Analysis u-
sing Large Language Models[ C]// The 22nd Workshop on Bio-
medical Natural Language Processing and BioNLP Shared
Tasks. ACL,2023:396-405.

MANGRULKAR S.GUGGER S,DEBUT L, et al. Peft: State-
of-the-art parameter-efficient fine-tuning methods[ EB/OL]. ht-
tps://github. com/huggingface/peft.

GUI H,QIAO S,ZHANG J,et al. InstructIE: A Bilingual In-
struction-based Information Extraction Dataset[ ] ]. arXiv:2305.
11527,2023.

GUI H, YUAN L, YE H,et al. IEPile: Unearthing Large Scale
Schema-Conditioned Information Extraction Corpus[ C] // Pro-
ceedings of the 62nd Annual Meeting of the Association for
Computational Linguistics. 2024 :127-146.

ZHANG N,XU X,TAO L,et al. DeepKE:A Deep Learning



S RLI A R T TR A N B 0 R A R U v 29

Based Knowledge Extraction Toolkit for Knowledge Base Popu- [25] LOSHCHILOV I, HUTTER F. Decoupled Weight Decay Regu-
lation[ C] // Proceedings of the 2022 Conference on Empirical larization[ C]// International Conference on Learning Represen-
Methods in Natural Language Processing: System Demonstra- tations. 2018.

tions. 2022:98-108.

[20] TOUVRON H,MARTIN L,STONE K,et al. LLAMA 2:Open PI Qiankun, born in 2000, postgra-

foundation and fine-tuned chat models[J]. arXiv: 2307. 09288, duate. His main research interests in-
2023.

[21] DUBEY A,JAUHRI A,PANDEY A,et al. The LLAMA 3 herd
of models[]]. arXiv:2407. 21783,2024.

[22] DU Z,QIAN Y, LIU X, et al. GLM: General Language Model

clude knowledge graph.stance detection

and large language model.

Pretraining with Autoregressive Blank Infilling[ C] // Proceed- LU Jicang.born in 1985.Ph.D, associate

ings of the 60th Annual Meeting of the Association for Compu- professor. His main research interests

tational Linguistics, 2022 320-335. include knowledge reasoning and social
[23] YANG A, XIAO B, WANG B, et al. Bachman 2; Open large- network analysis.

scale language models[J]. arXiv:2309. 10305,2023.

[24] WANG P,ZHANG N, TIAN B.et al. Easyedit: An easy-to-use
knowledge editing framework for large language models[ ] ].

(BEAT 2 3 - RT D
arXiv:2308. 07269,2023.

R RAR 2025 £ CCR- R BRI B AFHLS

CCF-2t B R “ NS "R B 4, 2 th CCF S5 R T 2017 4R 3L R Sk 32 B g 1w [ 1N oo 62 RH T LA A T0F 50 N B3 R A
BA L & 7E LA/NMEGR B J7 SR BT B B B 58 5 R8T 4 SR SR R 5% 4k e 3t SN SR BLOE LA AL 5 O K RE 1 5 Al
MWERRERS RS FES 0 L R4S,

55\ CCF-2 M M SRS " BH U A6 8 1 B 3 2025 4F 8 A IE2US ShAESE LIk W51 TR AN AR FLRY 12 08 A L 30 5] 80
Aok A E N A SRR AL B R . T CCF-2R R E S MG ” A BT 28 8 00 H 4 80 T 3% A K7 L B e £ T B 45 40
KA T KA UPE 2 L B X AR R ABUAY BF T B At QR P L B bR S BRI AF 2 07 I AT T B PR L e A0 14 A4S0 H i i P
WL ARAS T 2025 4R CCF-£R B RL £ SRS 7 BIF 5 5 RO B2 3D

PATF J2 2025 4F i CCF-2¢ SRR “ SRS 7 FLF i 4 37 o 45 2R (HE& R 23 56050 -

e #E £ mE
1 118 TERFREAY BT Carlafy S BN AR LRATS
2 2 ST EFAES RN AT
3 wER FHETALAS EFABHNREH IS HRE LR
4 KR FEREAS EFRRUBLNEFHRATRSRIE
SR TSR E RS R R
5 IR Jhspe ks ~
7
EF SRS ERERAN NSRRI RIEAT
6 e AR =
.
7 wEE PEMBREAR RV EFEXREREREENRERE AT
TP S FE R SN S KR DR
8 7 IR
555
9 ER LIRS EOESHELNREEKDEATS
10 i EPREAY EF BN TSR RATR
1 bl RIS AR RIS SRR R R EAT
12 EZ3 Tk EFABRAPTRISEIRESHLRTS
13 BE PESHAS EO AT T SRR MO AT
14 B HEaky EF BN RIS

RS R AR — W2 T s H A A AR B2 AEROR A A R I 5 A% 0 S U A ) R A 2 R BF S 4 B S5 B R il
B LA SR O T O B B TR BE R B BOR BB AR R AR

#& CCF i A kS



