http: /www. jsjkx. com

DOI:10. 11896/jsjkx. 241000129

Sy THHF

REBR R LMFETER R

REFR  WERN  RUAH
RHAEEREREARAF

(liangbinghao@inspur. com)

% 250013

 E MAEChatGPT A KB R CERALRHARLEFOH AL, A AR ZEATAEZFEZFTHEARYT, BAX
SHHENNGHBNINKBERREL T RIEF, KERASAS T ABHBRE, THATRRNAAGIRAIN %G KER LA ol T
kAL AP TREBERMNFGEREH G m, BT @G KRN FERYRAFELG T H LR EL@EF = 7RG
M EFRER A FTROTI, KEREFETEAG T THOERKARMGEE VY ALGMNIET &K, LFHSFRI %G RXAER
EEAFLGFTHE AR HAAGATFARRNEGDIEARARTAL. BB T —EIXUMNFF . FFLTERM
EHMRITTEREIE, FREREAN IR ILMNFFTENFLRESEFTLELR—BBRAS. AV ZFT ELARENTE
W, IRFEAARDT RERMNFLERGENERREE. A THEFEAREL T FPREZRRBERGRE T A,
SCEER M R T ks B S R TEACHE 1 R s A R R BE A s B R AR

FESES TPl

Research on Cross-Evaluation Method of Large Model
LIANG Binghao,ZHANG Chuangang and YUAN Mingming

Inspur Communication Information System Co. ,Ltd. ,Jinan 250013, China

Abstract

gun to be widely used in all aspects of production and life. Many domestic technology companies have invested in large model re-

With the emergence of ChatGPT,large model have become a new track for global technology competition,and have be-

search and development and open source work. As the application scenarios of large model continue to expand,there are more and
more types and quantities of pre-trained large model that can be downloaded or invoked,and users’ demand for large model eva-
luation is gradually increasing. At present, there is no standardized method for the evaluation of large model, and the industry
mainly compares the capability of large models through the evaluation lists provided by third-party institutions. There is still a
lack of effective measurement methods for the actual effect of large models in specific application scenarios. In this paper.a cross
evaluation method is proposed to evaluate the application effect of the pre-trained large model in the vertical industry scenario, es-
pecially the answering ability of open questions,and its reliability and robustness are verified by experiments. The cross-evalua-
tion method proposed in this paper has a high consistency with the official results,indicating that the method has a strong reliabil-
ity. This method effectively improves the objectivity and convenience of large model evaluation,and helps users to quickly com-

plete the horizontal comparison and selection of large models in personalized scenes.

Keywords Evaluation method.Cross evaluation,Open-ended question.Candidate large model,Judge large model
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Fig. 1 Architecture of the system
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Fig. 2 Flowchart of cross-evaluation
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MedBench $#5 4 32 240 & P& 22 iR ) 2 R 22 IR
B AR R R R T B L BT A A B R OK 4
G, B8 ANAFFEIEAE 12 4 [ B 4 AL, BT BE
W2 30 77, ASCHEBUAR SIS Ik 7.5 8 TF1,

2 7  MedBench #5MT % Hiik
Table 7 Partial task description of MedBench
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4 B A & L B R xR E R R R ST Y ] AR AT AR
E (MedSpeQA) P
;ﬁ}% & % K3 EEHBEE,BETFNRE N ER S
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FE Eagwy s o
(MedMOC) 319 MRMmH Ak T F (A% 31 M E)

FCvr B 2 R 1) 25 38 43 2 IR 25 3 T 17 2 00 ) A A 7

%5 5] #

BUWFE—F ENERFET AERFEURE VAKX (ZFHE
Z It YO HRIE B BT LA E AR R AR B b X R R A A7
RAEMENFA RATALBAFFIFRHINARERZTETH
MV EBERSFARAH#IEFETEMLLEELERSF ARG
ERP¥EFREEMAT . CEAFREMAMEHATT HBH#A

3 BH TEHOEREEARELEMM AR HH 4 TUHFERZAER
4 3 AE?

4.2 fENTFER

AR SCAE Ff PR TR 6 B 1, RS2 b oA o DU B
AN TSR 25 G e bR st b iy N T ROR iR E
SCT 1) R0 NS A~ 32 38 1 JF 8 R R B R 5 R A7 0T 5, 45 SR
F 11 /5,

T R AN TR 2R AT Qwen R A RALAL,
FIEfFF IR T Qwen, Qwen2 fll Qwen2. 5 FZ AN RA A S
Bom g BB, BE XS B AR 18] & 3w AT WAL I OB T
Chat JRAS KRBT, tboh, AR HE T 5% A28 A 4R 5 48 4
TP instruct A RATHY

BN RAERET 5 )1 %8 68 % #i T Baichuan fl Baichuan2
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HHRIRN S  SCAR S AR RO S S8 5 oK .

F 11 FRITT KA B 3

Table 11  List of large models to be evaluated
%5 A 4 Ak S % E/B K A AL
1 Qwen2. 5-3B-Instruct 3 e =
2 Qwen2. 5-1. 5B-Instruct 1.5 e =
3 Qwen2. 5-0. 5B-Instruct 0.5 P B2 =
4 Qwen2-1. 5B-Instruct 1.5 [ E =
5 Qwenl. 5-7B-Chat 7 [T E =
6 Baichuan2-7B-Chat 7 ERLER 3
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4.3 XWHERSW

7R 3C T B3 A T B % 4R R 0 KA R APT #2110, 2R H Py-
thon FF I JiE Dashscope 5 B R 3 81 R 55 09 98 A . % J& 31 52
0 45 SR 1) & L S G 4 T SR 1) SRS AL 1 A F TR AR AR
T2 T 2R FH A 50 4 A B N R 12 Rl

Table 12 Experimental data

%5 HEE BETE HAE
Business _

X 75
. Compliance

1 CFBenchmark Security .
Compliance

2 MedBench MedSpeQA 50

3 LawBench Consultation 500

4.3.1 T MIE
9T B AR AR SC T Y (058 SO T s, B AE CFBench-

mark B4 4 _E AT, BEEL T Qwen2. 5-3B-Chat, Qwen2.
5-0. 5B-Chat, Qwenl. 5-7B-Chat il Baichuan2-7B-Chat 4 >
FH B TR ISR, A A SO 25 R FE T BE X L

T A 150 AN IRV 7 3 43 45 B de Z3F 43 g B
95 R PE S T FRASE ) 40 e 13 A, i PR A i T R R
71 I 1 S5 R AL T o B BORE o5 BT AT AR S L X
T 1) 28 5 KA B TE VT 43 1o A2 v (4 48 4 3808 B8 ) Bk L i BR AR
E json M ZH HH P2 1L R K T ) RV,

HT T3 A3 AR AL 4 1 4 B 43 3 i A1 R Ok T X BT AR
T 28 1 0 0 43 SR AT B o A Ak 21, A BT 0T

s,j=7st'; * min nl iis,-,

Lo )

Lo bR A A B S FA) 5L R R 25 AT 43 19 F- 1

EL R 4 T AR TR B9 K/ o s e AR AT 20 R i 2 14 81

13 RPN I

Table 13 Original scoring matrix

A TE A A
HARAHA Qwen2. 5- Qwen2. 5- Qwenl. 5- Baichuan2-
3B-Chat 0. 5B-Chat 7B-Chat 7B-Chat
Qwen2. 5- FH L 76.43 83.85 78.91
3B-Chat R E/% 99.3 99.3 100
Qwen?. 5- EXTDN 85. 98 82.62 84.31
0. 5B-Chat P e 98.0 B 98.7 98.7
Qwenl. 5- T4 76.78 75. 20 80. 46
7B-Chat Kb %% 100 100 B 100
Baichuan2- FHL 63.52 62.12 74.04 B
7B-Chat R % % 54.6 16.7 66. 7
214 ARUEAL T 2 A B
Table 14 Standardized scoring matrix
B I kA
FAH R A A Qwen2. 5- Qwen2. 5- Qwenl. 5- Baichuan2-
3B-Chat 0. 5B-Chat 7B-Chat 7B-Chat
Qwen2. 5- FH L 63. 80 70. 00 65.88
3B-Chat A 99. 3 99. 3 100
Qwen2. 5- 3 4 67.88 65.23 66.57
0. 5B Chat FEEN 98.0 98. 7 98. 7
Qwenl. 5 EXTDN 65. 95 64. 60 69.12
7B-Chat FE LN 100 100 B 100
Baichuan2- FH 63.52 62.12 74.04
7B-Chat Rh %)% 54.6 16.7 66.7 B
A SCHRAEAR T B PE 45 FL A 3R 15 Fr 1) . #E CFBenchmark 4.3.2 SHMHiE

BsEP R4l & 74+, Qwenl. 5-7B-Chat B9 45 AL T
Bauchuan2-7B-Chat, 5 SCHR [ 117 LA K B0 58 B Jr 9 3 322 36 1)
W 25 SR AH 0

2 15 CFBenchmark i3z 45 5% %} 1t

Table 15 Comparison of CFBenchmark test results

“ e o B A X
%5 BA 4K g sz
1 Qwen2. 5-3B-Instruct — 65.8
2 Qwen2. 5-0. 5B-Instruct — 63.0
3 Qwenl. 5-7B-Chat 30.0 74.0
1 Baichuan2-7B-Chat 28.7 67.2

ERBIT TR WA SOy 5 B RN B TR L A B o
&SRR OUT L T LAAS B 5 R A 0 5 vk AR 2 AT A5 R
WA 7E R PR BEAH IE 195 BL R Qwen R FI [ Instruct #E5
BA 162 BAIERE 158 S B0 D M B R AL LT
SCHFSE B Qwen R F Y Instruct A RIE B IT A,

A SC 32 B o AR I O SRR B 52 S 3R AR e AT ) O
TGS RATAE—E M BEYLIE . P, AR 38 5 22 vk A2 S e X
S SN PR 7 15 ) 5 A 1 BE AT 230 BT 7 52 98 B 50 AN 2 B oE 4x —
BTG OLT B BEAT 5 YO IR Y 5258, A K S BT AR b BT AT
TR T DR 8 g S [ BT A () AL A T A0 2R A S
Ji7R 6

Qwen25- Qwen25- Qwen25- Qwen2-
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5 KT 4325 5 CF X AN [\ ] 2%0)

Fig.5 Large model scoring results(for different responses)
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Fig. 6 Score volatility analysis(for the same answer)
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Fig. 7 Robustness analysis of the scoring results

4.3.3 A&l K AR

W= 16 T3, 3k 48 ) ) LU O R DL R B B S R
BN TR A 2 S AE S5 R I 8/, 5 Lawbench™ iy
BFoE 45 B — 3, Qwen2. 5-1. 5B-Instruct £ CFBenchmark,
MedBench fil LawBench 3 /™% 4 48 I 049 3 45 2 3 0L T =
MR AY  AE BN SRR e A |, 7T DL SR 2 e B |
5 FE 2 B BB A PR ZR T 4 DT IC oMl 95 5 SR % DR Y A
e { ATk 37 5B R .

16 AFESHEERS LR

Table 16 Comparative analysis results of different number of

parameter
%5 A 4 R CFBenchmark MedBench LawBench
1 Qwen2. 5-3B-Instruct 64.28 69.83 55.51
2 Qwen2. 5-1. 5B-Instruct 70.39 76.30 62.19
3 Qwen2. 5-0. 5B-Instruct 61.35 72.54 54.44
4 Qwen2-1. 5B-Instruct 62.04 70.82 55.35
=] ‘n JE 111 - \‘ EZN i Y38 :\ i
GEERAE R SCERI T I B R AR Y 32 S T

7715 7E MedSpeQA /N AUBLEE S 145 B & 1 4 B 4 i
AR . % R A EAT Mk R A g BT S A b A BT
JH R 5 B A SRS 2R A ol AR TR R e Y PR T
I AR I RO B % A X TR SRR B R S
A6 RE 3 5 2% A KA R L 3 3o AR S 7k i A AR T 23 B D
AN o T B — 2D X R AT S0 5 ik AT T .
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