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Low-bitrate and Real-time Multiview Video Streaming with 3D Gaussian Splatting
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1 School of Computer Science,Peking University, Beijing 100871, China

2 School of Electronic and Computer Engineering,Peking University, Shenzhen, Guangdong 518055, China
Abstract Multiview videos can offer viewers immersive experiences and enable a variety of applications,but they require times of
transmission bandwidth compared to traditional videos. Current multiview coding algorithms mainly leverage redundancy between
2D views and do not consider 3D spatial redundancy. This paper presents a multiview video streaming approach that transforms
multiview video content into a compact sparse-view representation to reduce redundancy in 3D space. At the receiver side, the re-
maining views are synthesized through 3D reconstruction based on this representation. Specifically, this paper proposes a compact
multiview video representation based on sparse-views,where the remaining views are synthesized using 3D Gaussian reconstruc-
tion and splatting,and a view selection method that selects views to optimize visual quality of synthesized views. Experiments
show that the proposed method achieves at least a 44. 6% bitrate reduction compared with the baseline and supports end-to-end

streaming at over 30 FPS,
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