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New Swarm Intelligent Algorithms: Lions Algorithm

ZHANG Cong-ming LIU Li-qun MA Li-qun

(College of Electronic Information Engineering, Taiyuan Science and Technology University, Taiyuan 030024 ,China)
Abstract As the optimization object becomes nonlinear, high dimensional and multi target, the ideal result can not be
obtained by using the traditional optimization method. Intelligent algorithm is a good solution to the shortcomings of the
traditional optimization methods. This paper proposed a new intelligent algorithm, called lions algorithm. Lions algo-
rithm’s request on the initial value is not high. It has faster optimization speed and strong global convergence ability. In
this paper,the principle of the lions algorithm was given, the convergence performance of the algorithm and the influ-
ence of the parameters on the convergence of the algorithm were analyzed,and it was compared with artificial bee colony

algorithm. Finally, the algorithm was applied to the maximum power tracking of the PV ,and the practical ability of the
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algorithm was verified by experiment and simulation.
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