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Abstract This paper introduced three classical image classification algorithms based on GPU, which are Bayes, KNN
and SNN. Coprocessing of GPU and CPU is a structure pattern used frequently. Programs with large amount of calcu-
lation are working on the GPU,and CPU is used to control. This paper tested the programs. Through testing,the times
of the acceleration effect of working on the GPU are 72. 472, 149. 536.125. 39. The used framework is Tesla k20c.

Bayesian, KNN and SNN algorithms are based on supervised classification. The experiment shows the image process re-

sults and the times, which meet the requirements.
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