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Abstract

traditional spatial index structure of R tree is generated dynamically. The structure of its tree is realized according to the

The R tree index structure plays a great role in spatial objects query and complex spatial relations query. The

continuous insertion algorithm. It uses the way of splitting child node to generate the root node of R tree. Dynamic gene-
ration algorithm will cause low minimum utilization rate of the node of R tree, In order to make up for the inadequacy of
dynamically generated R tree,a static R tree algorithm based on CURE algorithm was proposed, and the CU_RHbuilt
tree building method was put forward. This algorithm can not only effectively deal with massive data, recognize clusters
of any shape, reduce the overlap degree of rectangles, but also greatly reduce the computational cost as partitioning tech-
nology is adopted. The spatial utilization is rather high. The R tree node splitting method based on CURE algorithm was

further proposed. Theoretical research and experiment show that the query efficiency of the proposed method is rather
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high.
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