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Abstract For the problem that sensitive information leakage caused by multi-document clustering and inference has the
features of high risk and high concealment,a sensitive information inference method based on semi-supervised document
clustering was proposed. Firstly,a new second-order constraint active learning algorithm was designed, which can ensure
to obtain high quality constraints with less time by choosing the most uncertain informative data, Then,a new semi-su-
pervised clustering algorithm combining constraints and DBSCAN was proposed, which can effectively resolve fuzzy
boundaries of DBSCAN and improve the precision of document clustering. Finally, possibility measure of sensitive infor-
mation on similar documents was calculated based on the results of semi-supervise clustering. The experiments show
that the precision of semi-supervised clustering improves significantly, and the inference method can infer sensitive in-
formation effectively.
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