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Classification Method of Imbalanced Data Based on RSBoost

LI Kewen YANG Lei LIU Wen-ying LIU Lu LIU Hong-tai
(College of Computer and Communication Engineering, China University of Petroleum, Qingdao 266580, China)

Abstract The problem of class imbalance which is very common to many application domains becomes the research
hotspot in data mining and machine learning, We presented a new classification method of imbalance data, called RS-
Boost, to increase the recognition rate of minority class and the classification efficiency. This approach uses SMOTE
(synthetic minority over-sampling technique) and random under-sampling to balance the data sets,and then uses boos-
ting method to optimize the classification performance. We conducted experiments using several public data sets to eva-

luate the performances of RSBoost and other four methods. The experimental results show that the approach proposed
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in this article can improve the classification performance and efficiency of imbalance data sets,
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