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Abstract As a new strategic resource, big data plays an important role in the field of information, The scale of big data
retrieval often reaches billions or even ten billions, resulting in that traditional query mechanism’s low efficiency be-
comes regular, Therefore, improving the efficiency of big data query and reducing the burden of querying big data have
become an important aspect of big data research, In order to speed up the querying of big data as well as reduce the bur-
den, we proposed a big data retrieval filtering model IMFM of batch-oriented processing, demonstrated its support for
multi-dimensional queries,and gave out the IMFM’s deployment strategy. By deploying the model in the appropriate
position of the index structure, IMFM can filter the search requests that pass through the node quickly to avoid that the
lower node is searched, so as to reduce the consumption of retrieval performance. Experiments show that, in the batch-o-
riented processing of big data environment, IMFM can effectively reduce the path length of both single and multi-dimen-

sional data queries,improve the efficiency of retrieval and reduce the workload of big data storage and processing plat-
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form significantly.
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Function Formula, Create( )
For(i=1;i<<m,i++)

Create Array Vi={(v;1,vj3,Vigs***sViy);
Define map;(V,e)
for(r=1,r<lx;r+-+) random r€ (1,n)
Vim<map(e)
For(j=1;j<ly;j++);vs==0;
For(l1=1,1<n;1++)

Map(Vi,e);

End

Function Formula. Filter( )

Define Array Q=(q;,qz,Gs»***»q,)
For(t=1,t<z,t++)

Map(Q, QueryRequest x)

For every q,=1;

If v, 1=0;

return QueryRequest x€ A

else return 0;
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Model, Combine( )
For every Model; € RooNode
While sizeof(LeafNode; )< min sizeof (LeafNode)
Get Vi=(v;1,vizsVig»***s Viy)
For every j!=1;
If there is another Model; € RooNode
sizeof (LeafNode;)<Imin sizeof(1.eafNode)
and sizeof (LeafNode; ) +sizeof (LeafNode;)<Cmax sizeof(LeafNode)
new Array Vo={(Vy1sVy2sVn3s"**sVny)
for(g=1,g<y,g++)
New ModelNode n;
End;
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Model. New( )
For every Model; € ParentNode;
While max sizeof(LeafNode) <C sizeof(LeafNode;)
New ModelNode n
New Model,
Link n to the ParentNode; ;
Create Array Va=={(Vy1 s Vpz s Vg »*** s Viy )
for(j=1,j<x;j++)
Vo= =03
End;
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x/h 1 5 10 15 20 25 30
1 2.8147 0.3518 0.0055 0,0002 0.0006 0.0176 0.5629
2 0.0549 10,1947 0.054 0.0019 0.0055 0.1759 5,6295
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