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PCA Face Recognition Algorithm Based on Local Feature

PANG Cheng GUO Zhi-bo DONG Jian
(College of Information Engineering, Yangzhou University, Yangzhou 225002, China)

Abstract Principal component analysis is an important feature extraction method of pattern recognition, and the main
features of the method are extracted from the sample by KL expansion. Therefore, we proposed a method of face recog-
nition PCA expansion, called modular sorting PCA face recognition method(MSPCA). MSPCA method first divides the
image matrix into blocks. The feature vectors, corresponded to all the feature value, are obtained from the sub-image
matrix of all sub blocks by using PCA method, and the feature vectors are identified. Then the method finds out the fea-
ture vectors, corresponded to k maximum feature value of all eigenvalues. These feature vectors are taken to extract the
characteristic of sub-image. Finally, based on the MSPCA, the feature matrix extracted from sub-images is merged,and
then the combined feature matrix is as a new sample to implement PCA-+LDA. Compared with the PCA method and
PCA+LDA method, because of the use of sub-image matrix, MSPCA avoids using singular value decomposition theory,

which makes it easier. Experimental results on ORL face database show that the proposed method outperforms the clas-

sical identification PCA and PCA+1LDA methods.
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