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Abstract

ries, but will damage depth uniformities inside objects, In order to solve this problem, we formulated depth reconstruc-

The depth map reconstruction using image colors may recovery the depth discontinuities at object bounda-

tion as a convex optimization problem which is regularized by image guided total generalized variation, By incorporating
image diffusion tensor into the variation regularizer, the proposed method generates piecewise smooth depth while pre-
serving discontinuities at object boundaries. To efficiently solve the problem, a first-order primal-dual scheme was de-
rived based on the Legendre-Fenchel transformation, Experimental results demonstrate that our method can preserve

depth discontinuities at object boundaries and uniformities inside objects and outperform existing methods in terms of
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peak signal-to-noise ratio, normalized cross-covariance and mean absolute error,
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