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Abstract

usually increased in groups. In this paper, based on rough set theory,a group rough feature selection algorithm was pro-

Many real data increase dynamically in size. With the rapid development of data processing tools, new data are

posed to deal with dynamic data sets with missing data. Firstly, the group incremental mechanism of information entropy
was analyzed,and then significance of feature was defined based on the mechanism. On this basis,a group feature selec-

tion algorithm was constructed, which can be used to deal with dynamic data sets with missing data effectively. Experi-

mental results show that the new algorithm is feasible and efficient.
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