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Annotation and Classification of Temporal Relation between Chinese Events
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Abstract The research on temporal relation between events plays an important role in natural language processing,

such as question answering system, information extraction and text summarization. We first focused on the temporal re-
lation between Chinese events,divided it into four categories and presented an annotation method. Then we proposed a
method to classify the temporal relation between Chinese events, Finally, the results of the classification on the annota-

ted corpus show that our method outperforms the rule-base baseline.
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#) HowNet" 3 51 [R] SCIA] , 24 501 A AR AU K F 3 — B
At A S B3 D TR] 3R], A SC BB 0. 8. D6 Hi, False,
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J5 R FIB R RLY I SR8 , 3F R R 5 R3S LB IR, BLF
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BB R, RGERIRH RS R WK TEFUTEHA.
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