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Task Scheduling Algorithm Based on DO-GAPSO under Cloud Environment
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Abstract In order to find reasonable cloud computing task scheduling scheme, the demand of users can not be satisfied
by optimizing scheduling strategy from a single aspect,and there are some weight assignment problems in several as-
pects to optimize scheduling policy. Focusing on the problems, considering the completion time.cost and service quality,
an algorithm of a dynamic target based on particle swarm and genetic algorithm(DO-GAPSO) was proposed,a dynamic
linear weighting allocation policy was introduced in the fitness of function modeling. Cloud environment simulation ex-
periment was conducted in the CloudSim platform. Under the same condition,discrete particle swarm optimization(DP-
SO) ,double fitness genetic algorithm (DFGA) were compared with the proposed algorithm. The experimental results

show that the proposed algorithm is better than the other two algorithms in execution efficiency and optimization
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ability. It is a kind of effective task scheduling algorithm in cloud computing environment.
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