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Named Entity Recognition for Military Text

FENG Yun-tian ZHANG Hong-jun HAO Wen-ning
(Institute of Command Information System, PLLA University of Science and Technology, Nanjing 210007, China)

Abstract This paper presented a semi-supervised named entity recognition method based on conditional random field
model for named entities in the military text, which aims at merging military named entities such as military appoint-
ment and military rank, military equipment, military supplies, military facilities, military institutions (including code des-
ignation) and military place names into a unified technical framework. The method establishes an efficient feature set ac-
cording to the grammatical features of the military text, builds conditional random field model to identify the military
named entities,and develops the method based on dictionary and the method based on rules to improve the results in
turn, Experiments show that the method is able to complete the named entity recognition task in the military text well,
and make F-value about testing the language material up to 90. 9%, which is close to the level of named entity recogni-
tion in the commons area.
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