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Position Prediction Algorithm Based on IRWQS and Fuzzy Features
CHEN Bo ZHANG Yun-he QIU Shao-ming WANG Yun-ming
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Abstract In view of the fact that the existing two-dimensional position prediction algorithm is difficult to reflect the in-
fluence of terrain factors on prediction accuracy, this paper proposed a position prediction algorithm based on IRWQS
(Incremental Repetition Weighing Queue Strategy) and fuzzy feature. Firstly, the three-dimensional position coordinate
information obtained from the Plough satellite navigation system is extracted and converted into a database,and then the
online incremental weighting queue scan operation is performed by using the chained operation of the database. Second-
ly, the optimal position coordinates are obtained through the fuzzy feature matching algorithm to get the coordinate
points and movement trends of the next moving position exactly. The experimental results show that compared with

MMTS algorithm and UCMBS algorithm. the prediction accuracy of this algorithm increases by about 9% and 25% on

average.
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