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Abstract

efforts identify the sentiment orientation of target words according to the similarity of the target words and paradigm

The sentiment orientation identification for word is important for text sentiment classification. The existing

words with the assumption that there are some paradigm words. However, the ambiguity of emotion of paradigm words
in different corpus affects the results of sentiment classification. We proposed a novel method for cross-domain word
sentiment orientation identification based on extracting paradigm words and eliminating the ambiguity of paradigm
words in the given corpus. More specifically, we first extracted the candidate paradigm words automatically in a labeled
corpus,and then filtered the paradigm words those involve in ambiguity of emotion based on the co-occurrence matrix of
paradigm words and target words in the target domain, Finally through computing the similarity of paradigm words and

target words, we identified the sentiment orientation of target words. The experimental results demonstrate the effec-

tiveness of our method.
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