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Abstract The dynamic frame slot ALOHA algorithm is an improved algorithm based on the probabilistic ALOHA al-
gorithm. Within a certain range, the algorithm identifies the tag,and the number of frame time slots can be dynamically
increased as the number of tags increases. However, when a large number of tags are recognized,due to the limitations
of the reader hardware,resource utilization and system throughput are greatly reduced. Aiming at this problem, this pa-
per proposesd a dynamic frame slot ALOHA algorithm based on dynamic factor mean estimation algorithm. First, it
uses the dynamic factor mean tag estimation method to estimate the number of labels accurately. Immediately,to accu-
rately estimate the label, the proposed dynamic frame slot ALOHA improved algorithm is used for grouping,in accor-
dance with the group to identify. Finally.the dynamic factor mean value tag estimation algorithm and the dynamic frame
time slot ALOHA algorithm with the tag estimation algorithm are simulated respectively. The simulation results show
that the proposed algorithm can estimate the accuracy of the tag and keep the estimation error in the range of 5%. The
dynamic frame time slot ALOHA algorithm based on the dynamic factor mean value estimation method can guarantee

higher system utilization rate of 30 % and so on. The number of frame slots required by the whole recognition process is
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about 45% lower than that of the dynamic frame slot ALOHA algorithm.
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